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I. Introduction

There are reasons to be simultaneously concerned and skeptical about re-
cent reports of high and rising rates of extreme poverty in the United States.
Several distinguished scholars have argued that millions of Americans—many
of them children—live on less than a few dollars per day. Other researchers
have reported high rates of “disconnected” people, defined as those with
neither earnings nor government benefits. Relying predominantly on survey
reports of income, both groups claim that these problems have been rising
sharply over time. On the other hand, researchers have long contended that
survey reports in the tails of the income distribution have a disproportionate
share of errors. Some of these scholars have pointed to evidence of increased
underreporting of income in household surveys or conflicting evidence from
consumption data. This paper addresses these questions by bringing to bear
a combination of previously underutilized survey data and newly linked ad-
ministrative data. These data allow us to reexamine rates of extreme poverty
and shed light on other questions, including the targeting of in-kind trans-
fers, the effects of welfare reform, and the measurement of poverty.
Focusing on 2011 data from the Survey of Income and Program Partici-

pation (SIPP), we show that more than 90% of the 3.6 million households
with survey-reported cash incomes below $2/person/day are misclassified.
Our preferred methodology first implements a series of adjustments using
the public survey data. We begin by reclassifying households as not in ex-
treme poverty if they received sufficiently high amounts of in-kind transfers,
including the SupplementalNutritionAssistance Program (SNAP), the Special
Supplemental Nutrition Program forWomen, Infants, andChildren (WIC),
and housing assistance. We then use reported hours worked for pay to cor-
rect for underreported earnings (identifying SIPP editing problems in a large
share of cases), and we also account for those who possess substantial assets.
To further examine households not captured by the survey-only adjustments,
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we replace survey reports of earnings, asset income, retirement distributions,
Old-Age, Survivors, and Disability Insurance (OASDI), Supplemental Secu-
rity Income (SSI), SNAP, and housing assistance with values from linked
administrative tax and program data and also account for the Earned Income
Tax Credit (EITC).
In the end, our best estimate is that 0.24% of households, containing 0.11%

of individuals, lived in extreme poverty in 2011. The difference between these
percentages is explained by the finding that 90% of extreme poor households
consist of a single individual. Replicating the analysis with the 2012 Current
Population Survey Annual Social and Economic Supplement (CPS ASEC),
we estimate that only 0.18% of households and 0.13% of individuals are in
extreme poverty for the 2011 calendar year. These estimates from the two
surveys are remarkably similar to rates that researchers have calculated using
consumption data,1 suggesting that improved measures of income can recon-
cile past inconsistencies between income and consumption measures of pov-
erty. Furthermore, these results demonstrate that taking survey incomes in the
far left tail at face value would be a misuse of the data. Yet we suspect the true
extreme poverty rate is even lower than what we estimate, given the evidence
of survey underreporting for many income sources—such as unemployment
insurance,TemporaryAssistance forNeedyFamilies (TANF),workers’ com-
pensation, veterans’ benefits, and informal earnings—for which we have not
been able to incorporate administrative data.
The survey-only adjustments account on their own for 78%of the total de-

crease in extreme poverty. Using an alternative ordering that brings in the
administrative data first (as some readers might prefer), we find that the ad-
ministrative data adjustments account on their own for 90% of the change
in extreme poverty. In addition, according to the administrative data alone,
nearly 80% of the misclassified households overall are initially categorized
as extreme poor as a result of errors or omissions in cash reports of earnings,
asset income, retirement income, OASDI, SSI, or the EITC—meaning that
in-kind transfers play a secondary role. There is no unique way of decom-
posing the contribution of definitional changes and survey error, as which-
ever set of adjustments we incorporate first will remove the vast majority of
those initially classified as in extreme poverty. The survey-only adjustments,
in particular, encompass both definitional changes (incorporating in-kind
transfers and assets) and corrections for underreported earnings.
Our preferred methodology implements the survey-only adjustments

first, since this anchors our results to a literature that has relied only on sur-
vey data and allows many of our results to be replicated using publicly avail-
able survey data. The survey-only adjustments are also remarkably robust to
a number of modifications. For example, applying either the minimumwage

1 See Chandy and Smith (2014) and Hall and Rector (2018).
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or half theminimumwage to hoursworked removes virtually the same num-
ber of households from extreme poverty, and excluding imputed hours from
the corrections for underreported earnings also yields trivial impacts. In ad-
dition, subsidy amounts for housing assistance are always above the extreme
poverty threshold for the households in our analysis, but even excluding
housing assistance altogether yields final estimates of extreme poverty that
are almost exactly the same as those including housing assistance. We also
set high enough thresholds for the survey asset adjustment, which we apply
last, to suggest that the households it removes from extreme poverty have
enough resources to spend at levels above $2/person/day. Yetwhen it comes
to identifying how far off the survey data are alone, we prefer the adminis-
trative data because they provide specific income amounts that can be used to
correct misreported survey values. At the same time, the income amounts
from the administrative data must be a lower bound because we are missing
administrative data for a number of key income sources.
One of this paper’s key methodological advances is the use of multiple

sources of administrative and survey data to validate the survey-only adjust-
ments. For the groups reclassified because of underreported earnings and sub-
stantial assets, we find that 72%–93%of these households have incomes from
the administrative data above the extreme poverty threshold and that 47%–

65%have incomes above the poverty line, depending on the subgroup. Using
detailed information from SIPP topical modules, we find that these groups
havematerial well-being levels (based onmeasures ofmaterial hardship, appli-
ance ownership, and housing quality) that are similar to the US average. They
are also comparable to the average household on a host of survey demograph-
ics, such as years of education, health insurance coverage (especially private
coverage), and occupation.
Accordingly, the preponderance of evidence suggests that the households

reclassified by underreported earnings and substantial assets have survey in-
comes that are likely to be gross errors. These results potentially explain the
lack of a strong correlation that several studies have found between income
poverty and material hardship.2 In contrast, the households reclassified as a
result of receipt of in-kind transfers appear to be significantly worse off than
the official poor on multiple dimensions of well-being, implying that these
benefits are well targeted to the needy. These results are consistent with past
findings that individuals excluded from the poverty rolls under the US Census
Bureau’s Supplemental PovertyMeasure (SPM)—which incorporates in-kind
transfers into income, raising some recipients above the poverty line—appear
worse off, on average, than the official income poor.3

2 See, e.g., Mayer and Jencks (1989), Meyer and Sullivan (2003, 2011, 2012), and
Short (2005).

3 See Meyer and Sullivan (2012) and Fox and Warren (2018).
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It is important to keep in mind that our best estimate of the extreme pov-
erty rate is not necessarily afinal estimate for the entire population. The SIPP
excludes homeless individuals and institutionalized populations (such as
those living in nursing care facilities and prisons) from its survey frame,
meaning that our estimates of extreme poverty are understated if substantial
numbers of the homeless and other institutionalized populations are in ex-
treme poverty. We should emphasize, however, that the literature reporting
high rates of extreme poverty has relied on survey data that exclude the home-
less and institutionalized. If anything, these caveats further highlight the im-
perfect ability of most survey data, when analyzed at face value, to identify
the extreme poor.
While this paper demonstrates that the rate of extreme poverty in theUnited

States is substantially lower than what has been reported, we do not contend
that there is little deprivation in the United States. Rather, we argue that fo-
cusing on such low-income thresholds as $2/person/day in theUnited States
is likely to yield a group filled with more gross errors than households that
are truly impoverished. For instance, nearly 50% of the households classi-
fied as extreme poor on the basis of survey-reported cash have incomes
above the poverty line in our administrative data sources (which are incom-
plete). Moreover, the households receivingmeans-tested in-kind transfers—
who appear tobe among themostmaterially deprivedAmericans—are almost
all not in extreme poverty by virtue of the extreme poverty income thresholds
being lower than benefit amounts. Among the households that appear to be
truly extreme poor and therefore disconnected from work or the safety net,
the vast majority consist of a single childless individual. Contrasting sharply
with the focus in the literature on extreme poverty among households with
children, this finding is consequential from a policy perspective, as eligibility
for programs is often dependent on household composition.
While our main approach begins with households that are below $2/per-

son/day in the survey reports, as a robustness check we start from the full
sample, combining the survey and administrative data. In this alternative anal-
ysis, we rely on some of the survey reports in the case of earnings and hous-
ing assistance.We do this because our source of administrative earnings data
turns out to be incomplete, missing categories of earnings and individuals
without work authorization. The housing data are incomplete as well, miss-
ing several million subsidized housing units that are not part of the main pro-
grams administered by theDepartment ofHousing andUrbanDevelopment
(HUD). For all other income sources, we simply replace the survey reports
with the administrative records. The results using this approach do not differ
appreciably from our main results. We also confirm that our main results
hold at a cutoff of $4/person/day, for shorter and longer time intervals,
and when imputed values of hours or income components are set to zero.
More generally, this paper is one of the first from an unprecedented new

project that assembles and links survey and administrative data on income,
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program receipt, and closely related information (Medalia et al. 2019). The
project’s goals include (1) improving household surveys and statistically
based tax administration and (2) achieving a better understanding of poverty,
inequality, and the effects of government transfers. We initially focus on ex-
treme poverty in this paper because the results are so stark and they demon-
strate the capacity of the linked data to change our understanding of poverty.
There is great value in linking survey and administrative data, even relative to
methods that attempt to formally adjust for misreporting within the survey.
Two studies have found that sophisticated adjustments like the Urban Insti-
tute’s Transfer IncomeModel (TRIM) allocate SNAP andTANFbenefits to
those with very different survey incomes than true recipients, likely biasing
any poverty estimates.4

The remainder of the paper is structured as follows (see table 1 for a list of
abbreviations used throughout the paper). Section II reviews the literature
on extreme poverty and discusses why the rates of extreme poverty using survey-
reported cash income are so high. Section III describes the survey and admin-
istrative data and the process used to link them. Section IV discusses themeth-
odology used to correct for errors in income reports. Section V describes the
main results from the SIPP, and section VI describes results validating the
survey-only corrections and adjustments. Section VII replicates the analysis
for the CPS and compares it to the SIPP, and section VIII presents the results
of robustness checks and additional caveats. Section IX concludes.

II. Literature

A. Past Claims of Extreme Poverty and Conflicting Evidence

In a series of papers and a best-selling book, Edin and Shaefer document
the prevalence of extreme poverty, which they define as having cash income
less than $2/person/day. Using wave 9 of the 2008 SIPP Panel, Shaefer and
Edin (2013) find that 4.3% of all nonelderly households with children (con-
stituting 1.65 million households and 3.55 million children) lived in extreme
poverty in a given month in mid-2011.5 Using the 2012 CPS ASEC adjusted
using TRIM, Shaefer and Edin (2017) contend that 1.3 million children
(1.8% of all children) lived on annual cash incomes under $2/day during
the 2011 calendar year.6 Combining quantitative analyses with ethnographic

4 See Shantz and Fox (2018) and Mittag (2019).
5 We begin our empirical work by replicating these numbers.
6 Even though Shaefer and Edin examine reference year 2011 in both of their pa-

pers, the counts of children in extreme poverty differ rather dramatically. We think
this difference is due to a few reasons. First, the higher number using the SIPP is based
on the fourth reference month of a wave rather than the monthly average in a wave.
Second, as we discuss in sec. VII, the SIPP appears to have a nontrivial number of
households with zero earnings but positive reports of hours worked for pay—an in-
consistency that does not appear in theCPS. Finally, the lower CPS number relies on
the Urban Institute’s TRIM microsimulation model to adjust for underreporting of
cash transfers in the survey.
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evidence on the day-to-day lives of the extreme poor, Edin and Shaefer (2015)
further shed light on the deprivation faced by such households. Concomi-
tantly, Deaton (2018) uses survey data from the CPS to assert that 5.3 mil-
lion individuals in the United States lived on incomes after taxes and in-kind
transfers under $4/day during the 2015 calendar year. These striking numbers
have received a great deal of attention in the policy-making process and the
press,7 and they were featured in a prominent United Nations report on the
state of poverty in the United States (United Nations 2018).
A related literature has arisen around the plight of “disconnected” individ-

uals and families, defined as those having little to no earnings and little or no
government benefits (usually cash welfare). Most of these studies focus on
single mothers. Turner, Danziger, and Seefeldt (2006) use survey data from
the Women’s Employment Study and find that 9% of single mothers who
received cash welfare in February 1997 became disconnected for at least a
quarter of the following 79 months (following welfare reform in 1996). Us-
ing data from the SIPP and CPS, Blank and Kovak (2009) find that more
than 20% of single mothers who lived below twice the official poverty line
in the mid-2000s had no annual earnings or welfare receipt. These high rates

7 For example, see https://www.washingtonpost.com/news/wonk/wp/2018/06/25
/trump-team-rebukes-u-n-saying-it-overestimates-extreme-poverty-in-america-by
-18-million-people/?utm_term5.1f7ba77d349a.

Table 1
Abbreviated Terms Used throughout the Article

Abbreviation Expansion

ASEC CPS Annual Social and Economic Supplement
CE Consumer Expenditure Survey (Bureau of Labor Statistics)
CPI-U Consumer price index for all urban consumers (Bureau of Labor Statistics)
CPS Current Population Survey (Bureau of Labor Statistics, US Census Bureau)
DER Detailed Earnings Record (SSA)
EITC Earned Income Tax Credit
HUD US Department of Housing and Urban Development
IRS Internal Revenue Service
OASDI Old-Age, Survivors, and Disability Insurance Program (Social Security)
PCE Personal consumption expenditure
PIK Protected Identification Key
PVS Person Identification Validation System
SIPP Survey of Income and Program Participation (US Census Bureau)
SNAP Supplemental Nutrition Assistance Program
SPM Supplemental Poverty Measure (US Census Bureau)
SSA Social Security Administration
SSI Supplemental Security Income
TANF Temporary Assistance for Needy Families
TRIM Transfer Income Model (Urban Institute)
WIC Special Supplemental Nutrition Program for Women, Infants, and Children
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of disconnected singlemothers are echoed inLoprest (2011) andLoprest and
Nichols (2011), who also utilize the SIPP.
Importantly, a number of these studies argue that rates of extreme poverty

and disconnectedness have risen greatly over time in response to welfare re-
form. Shaefer and Edin (2013) calculate that the number of households with
children in extreme poverty grew by 159% between 1996 and 2011. This rate
of increase snowballs to 748% between 1995 and 2012 after using TRIM to
adjust for underreporting in the CPS, with Shaefer and Edin (2017) attribut-
ing the growth entirely to cuts in cash welfare. Blank and Kovak (2009) also
find that the rate of disconnected single mothers nearly doubled between
1995 and 2005 using the CPS, and Loprest and Nichols (2011) calculate a
similar increase in the share of disconnected single mothers between 1996
and the 2004–8 period.
At the same time, another literature provides evidence at odds with the

results in Shaefer and Edin (2013, 2017) and related papers on disconnect-
edness. Some studies improve the measurement of income by including in-
kind transfers and attempting to adjust for survey underreporting. Winship
(2016) reexamines rates of extreme poverty by applying a number of adjust-
ments to reported cash income in the CPS, which include incorporating in-
kind transfers (nonmedical and medical benefits are separated), taxes and
tax credits, and a less biased price index (the personal consumption expen-
diture [PCE] deflator) than the consumer price index for all urban consum-
ers (CPI-U).8 Winship also uses TRIM to correct for underreporting of var-
ious transfers and divides household income by an equivalence scale to better
account for resource sharing.Winshipfinds that the adjusted rates of extreme
poverty have fallen since welfare reform to approximately 0.1% among all
children and closer to 0.01% among children of single mothers in 2012. Also
using the CPS, Brady and Parolin (2020) calculate that 0.40% of individuals
lived in households with incomes less than $2/person/day in 2015, after ac-
counting for taxes and transfers (including SNAP), correcting for underre-
porting of TANF and SSI with TRIM, and accounting for household size.
Parolin and Brady (2019) employ a similar methodology (but additionally
adjust for SNAP underreporting using TRIM) to find that 0.08% of children
lived in households with incomes less than $2/person/day in 2015.
Rather than relying on survey-reported cash income to measure extreme

and deep poverty, other studies focus onmeasures of consumption or hard-
ship. In an early paper, Mayer and Jencks (1989) find that 43% of a sample
of Chicagoans surveyed in the mid-1980s with incomes below the official
poverty line reported expenditures on food, housing, and medical care that

8 Both the Federal Reserve’s Federal Open Market Committee and the Congres-
sional Budget Office use the PCE deflator rather than the CPI-U to calculate infla-
tion because the former suffers less from a series of biases that plague the latter (Con-
gressional Budget Office 2012; Bullard 2013).
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exceeded their incomes. For disadvantaged single mothers at the 10th per-
centile in the 1990s, Meyer and Sullivan (2003) also find that expenditures
exceeded income by 47% and 24% in the Consumer Expenditure (CE) Sur-
vey and the Panel Study of Income Dynamics survey, respectively. In subse-
quent papers, Meyer and Sullivan (2004, 2008, 2012)find that low percentiles
of consumption rose in the period following welfare reform and that deep
consumption poverty has fallen sharply over time.
Additional papers in recent years have used the CE Survey to calculate

decidedly low rates of consumption-based extreme poverty (spending less
than $2 or $4/person/day) or deep poverty (spending less than half the offi-
cial poverty line). Chandy and Smith (2014) find that only 0.07% of the US
population spent less than $2/person/day in the fourth quarter of 2011. Hall
and Rector (2018) examine all households interviewed in the CE Survey
since 1980 and similarlyfind that 0.08%of theUS population spent less than
$4/person/day. They also calculate an expenditure-based deep poverty rate
of 0.5% in 2017, which is considerably lower than the official income-based
deep poverty rate of more than 6% in 2017. Much like the results in Meyer
and Sullivan (2012),Hall andRectorfind that deep consumption poverty fell
sharply from a rate of roughly 2% in the mid-1980s, with this fall being es-
pecially precipitous for single parents after welfare reform.

B. Why Are Extreme Poverty Rates from Survey-Reported
Cash Income So High?

There are several major reasons why the literature has found such high
rates of extreme poverty when relying on survey reports of pretax cash in-
come. First, these calculations ignore in-kind transfers and tax credits. The
majority of means-tested transfer dollars are in-kind, and a broad range of
authors have argued that nonmedical in-kind benefits should be counted
as income (see, e.g., Ellwood and Summers 1985; Citro and Michael 1995;
Blank 2008). In particular, SNAP benefits can be plausibly treated as cash
payments, since benefit amounts usually fall below the prereceipt food expen-
ditures of recipient families (Hoynes and Schanzenbach 2009; Ben-Shalom,
Moffitt, and Scholz 2012). The gross rents that are used to calculate housing
assistance amounts have also been found to be close tomarket rents and thus
similar to the valuation that private renters put on the units (see Olsen 2003,
2019). Several studies have even argued that the per-dollar value of benefits
from transfer programs may exceed cash earnings, as transfers play an im-
portant role in insuring earnings shocks (Blundell, Pistaferri, and Preston
2008; Blundell 2014; Deshpande 2016).
Given that the nature of the safety net in the United States has changed

dramatically, it is important to account for in-kind transfers and tax credits
when comparing outcomes over time. While cash welfare (Aid to Families
withDependentChildren,which becameTANF) payments fell by two-thirds
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between 1996 and 2011, SNAPpaymentsmore than doubled andEITCben-
efits increased by approximately half during the same timeperiod, both trans-
ferringmore newdollars thanwere cut fromTANF (Meyer,Mok, and Sulli-
van 2015).Other in-kind transfers like public and subsidized housing followed
a similar upward spending trajectory over time.9 Consequently, focusing on
changes in poverty rates based solely on pretax cash incomewould be anach-
ronistic. These concerns, in large part, motivated the reports that led the US
CensusBureau to start calculating the SPM in 2011,which takes into account
many of the noncash programs and tax credits not included in the official
poverty measure. To their credit, Shaefer and Edin (2013) find that SNAP,
tax credits, and housing subsidies together cut the pretax cash extreme pov-
erty rate for households with children by 63% in 2011. But researchers and
policymakers continue tohighlight estimates that exclude these—and other—
important government programs.
Another reason for high extreme poverty rates in the literature is that studies

almost universally rely on survey income with substantial errors even after
editing, despite many studies demonstrating significant holes in the income
data that arise from survey underreporting. For example, Meyer andMittag
(2019) find that 63% of Public Assistance recipients in the CPS and 44% in
the SIPP inNewYork do not report receipt, while 43% of SNAP recipients
in the CPS and 19% in the SIPP do not report receipt. Bee and Mitchell
(2017) find that 46% of pension income recipients do not report receipt in
the CPS.
While the CPS has often been found to suffer frommore pronounced un-

derreporting than the SIPP, the latter is not immune to errors.Meyer andWu
(2018)find that among single-parent families, the poverty reduction effects of
SSI, OASDI, and Public Assistance from the SIPP are each less than 44% of
what the administrative data indicate.10 For all families, the SIPP yields effects
on near poverty of SNAP and Public Assistance that are two-thirds and one-
half, respectively,what the administrative data generate (Meyer andWu2018).
These holes in the SIPP income data have also grown over time. Since 2000,
there has been a 7 percentage point increase in the share of dollars missed
by the SIPP for TANF, unemployment insurance, and workers’ compensa-
tion (Meyer, Mok, and Sullivan 2015). The share of SIPP dollars that are im-
puted has also doubled since 1990, and errors in reporting amounts for SSI and
OASDI rose sharply between the 1996 and 2008 SIPP panels (Gathright and
Crabb 2014).

9 See https://www.cbpp.org/research/housing/national-and-state-housing-fact
-sheets-data.

10 Meyer andWu (2018) take the administrative data to be truth, although the ad-
ministrative data are likely incomplete. For example, administrative tax data may
miss individuals who do not file tax returns or whose employers fail to file.
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These errors in survey-reported income are likelymost pronounced at the
very bottom of the reported income distribution.Many studies have suspected
or found errors in income reports at the tails of the distribution (Lillard, Smith,
andWelch 1986; Blank and Schoeni 2003; Bollinger et al. 2019). Especially in
the left tail, research has shown that reported expenditures are often a mul-
tiple of reported incomes. This pattern has been found not only in US sur-
vey data (see Meyer and Sullivan 2004, 2008; Hall and Rector 2018) but in
Canadian and British survey data as well. Brzozowski and Crossley (2011)
use data from the Canadian Survey of Household Spending and the Family
Expenditure Survey to show that total expenditures exceed disposable income
by approximately a multiple of five in the bottom decile of the income distri-
bution. Brewer, Etheridge, andO’Dea (2017) use data from the United King-
dom Living Costs and Food Survey and find that households in the bottom
1% of the income distribution (who live on less than £75/week) report a me-
dian expenditure level of £400/week, equivalent to the population median!
The authors find that median expenditures are actually decreasing in income
for households living on less than £110/week. They are best able to explain
this puzzle byunderreporting of income rather than overreporting of expen-
ditures or consumption smoothing over time.

III. Data

This section describes the detailed sources of survey and administrative
data we use in this paper. The section also explains how we link these data
and the advantages of using the combined data over survey or administrative
sources alone.

A. Survey Data

Our survey data primarily come from the 2008 SIPP. In section VIII, we
also describe results using the CPS ASEC. Each panel of the SIPP lasts sev-
eral years, and individuals and households are followed longitudinallywithin
each panel. Specifically, each respondent is interviewed every 4months as part
of an interview “wave.” In eachwave, the SIPP collects information about the
income and government transfers received during the 4 months since the last
interview wave. Nearly all of these income sources are reported at the month
level. Accompanying these income data is detailed information on demo-
graphics, assets and liabilities, material well-being, and health status (among
other items). Many of these characteristics are available in the SIPP topical
modules. These sets of questions on a specific subject differ across interview
waves and are asked on top of the core questions.
To begin from a known starting point in the literature, we focus on wave 9

of the 2008 SIPP Panel, whose reference months include January 2011 to
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July 2011.11This sample includes the observations used by Shaefer and Edin
(2013). We also link topical modules from wave 9 and other waves that in-
clude questions on material hardships and housing quality (wave 9), assets
and liabilities (waves 7 and 10), and disability status (wave 6). The proximity
of wave 9 to waves 6, 7, and 10 presents another advantage of focusing on
wave 9 in our analysis. This proximity aids the comparability of the time pe-
riods and reduces sample attrition fromwave towave. An additional benefit
of examining wave 9 is that its reference months are within a single calendar
year, unlike many other waves. This choice makes linkage to tax records,
which are at the annual level, more convenient.
The SIPP sample is intended to be representative of the civilian noninsti-

tutional resident population of the United States, excluding individuals liv-
ing in institutions and military barracks. We use households—rather than
families, as official poverty estimates do—as our units of analysis for two
main reasons. First, many of the questions in the SIPP (such as equity values
for specific assets and material hardship) are asked at the household level.
Second, individuals who are particularly destitutemay rely on the additional
resources of those outside their immediate families. If so, the householdmay
be themore natural unit for analyzing the circumstances of the extreme poor.
In practice, the distinction is not especially important, as 92% of all house-
holds and 94%of reported extreme poor households have one family (see ta-
ble A.1; tables A.1–A.22 are available online).

B. Administrative Data

Our administrative records are derived from a number of sources, which
we broadly classify into two categories: (1) tax records from the Internal Rev-
enue Service (IRS) and Social Security Administration (SSA) and (2) program
receipt records from various state and federal agencies. Table 2 describes for
each income component the source of the administrative data, the income
unit, the disbursement frequency, and the number of states covered.

Tax Records

Earnings data covering wage and salary jobs and self-employment are
available from the Detailed Earnings Record (DER) database of the SSA.
The DER itself is derived from IRS W-2 Forms (for wage and salary jobs)
and Schedule SE of IRS 1040 forms (for self-employment). The DER in-
cludes wage and salary earnings that are below the 1040 filing requirement,
although it misses other sources of earnings that we note later. We also have

11 The interview wave spans seven calendar months because of the staggered na-
ture of the interviews. Respondents are divided into four groups, each of which has
a different starting month in the wave. For example, one set of respondents in
wave 9 has reference months spanning January–April 2011. The other three sets
of respondents each have reference months spanning February–May 2011,
March–June 2011, and April–July 2011.
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data on various forms of asset income from IRS 1040 forms, including tax-
able dividends and taxable and tax-exempt interest. Data on retirement dis-
tributions come from IRS 1099-R forms, which cover gross distributions
from employer-sponsored plans (defined benefit and defined contribution
plans) and individual retirement account withdrawals. Finally, we calculate
EITC amounts on the basis of filing status, earned income, and qualifying
dependents in the prior year’s IRS 1040 forms.
As table 2 indicates, the tax data contain universe records spanning the en-

tire United States. These data are at the level of the tax unit, which consists
of a single individual or married couple filing together with any eligible de-
pendents. Note that the tax unit is conceptually distinct from a household,
even if the two units are equivalent for most people. Furthermore, we con-
vert annual data from the administrative tax records to monthly amounts by
dividing the total amounts by 12 anddistributing them evenly across allmonths
in the calendar year.

Program Participation Records

Administrative records for Social Security (OASDI) come from the SSA’s
Payment History Update System file, with our preferred measure of total
benefits including any amounts that are deducted for medical insurance pre-
miums. Data on SSI come from the SSA’s Supplemental Security Record
file and include all federally administered payments that are initially split
into federal payments and federally administered state payments. OASDI
and SSI benefits are paid to individuals on a monthly basis. For housing as-
sistance, our administrative data come from the Public and Indian Housing
Information Center and Tenant Rental Assistance Certification System
files. These data cover almost all public and subsidized housing assistance

Table 2
Administrative Data Sources

Income Source Administrative Source Income Unit
Income

Frequency
States

Covered

Earnings DER (SSA) Individual Annual All
Asset income Form 1040 (IRS) Tax unit Annual All
Retirement distributions Form 1099-R (IRS) Individual Annual All
OASDI PHUS (SSA) Individual Monthly All
SSI SSR (SSA) Individual Monthly All
EITC Form 1040 (IRS) Tax unit Annual All
SNAP State agencies Household Monthly 11 states
Housing assistance PIC and TRACS (HUD) Household Monthly All

NOTE.—This table shows, for each income source in the administrative data, the source of the data, the
unit at which the dollar amounts are reported, the frequency at which the dollars are reported, and the
states/years covered. Note that all of the administrative data, with the exception of the Supplemental Nu-
trition Assistance Program (SNAP), cover the universe of recipients in the United States. DER 5 Detailed
Earnings Record; EITC 5 Earned Income Tax Credit; IRS 5 Internal Revenue Service; OASDI 5 Old-Age,
Survivors, and Disability Insurance; PIC5 Public and IndianHousing Information Center; PHUS5 Payment
History Update System; SSA 5 Social Security Administration; SSI 5 Supplemental Security Income; SSR 5

Supplemental Security Record; TRACS 5 Tenant Rental Assistance Certification System.
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programs under the jurisdiction of HUD. We calculate the benefit amount
for a household as the difference between the gross rent and actual tenant
payment.12However, the recordsmiss large housing programs, such as those
under the Department of Agriculture, which serve more than a quarter mil-
lion households (Scally and Lipsetz 2017), and those requiring landlords
to charge below-market rents, which cover more than 2 million units (Scally
et al. 2018). SNAP records come directly from various state agencies, andwe
have records for 11 states in 2011. Housing assistance and SNAP benefits
are recorded and disbursed to households on a monthly basis.

C. Linking Survey and Administrative Data

We link the administrative data to the SIPP using anonymized Protected
IdentificationKeys (PIKs) created by theUSCensus Bureau’s Person Iden-
tificationValidation System (PVS;Wagner andLayne 2014). ThePVS is based
on a reference file containing Social Security numbers, names, addresses, and
dates of birth. More than 99% of most administrative records are associated
with a PIK, and nearly 97% of households in wave 9 of the SIPP contain
at least one member associated with a PIK. To account for the likely small
bias arising from nonrandommissing PIKs, we divide the household survey
weights by the predicted probability that at least one member of the house-
hold has a PIK, conditional on observed characteristics in the survey (see
Wooldridge 2007). This approach keeps the sample as comprehensive as pos-
sible at the expense of understating the income from administrative sources
for household members who cannot be linked. The appendix provides a full
discussion of the inverse probability weighting adjustment. We have also
conducted bounding exercises using the survey-based extreme poverty rates
of unlinked households, which are sufficiently close to the rates for linked
households that the loss of 3% of the sample has a trivial impact. We link
all benefit dollars from an administrative SNAP or housing case to a survey
household as long as there is a common individual between each unit. For
the EITC and asset income,we link only to individuals in survey households
who are primary and secondary filers in the tax data.13

12 Because the administrative data do not include gross rent amounts for public
housing units (which constitute less than a quarter of all households in the admin-
istrative data), we impute the market rent for these units based on the average rent
by five-digit zip code, household size, and year. If rent is still missing, we impute by
three-digit zip code, household size, and year—and subsequently by five-digit zip
code and year and by three-digit zip code and year if needed. We consider a house-
hold to be receiving subsidized housing for the 12 months since the most recent
certification date as long as the period is prior to any termination date.

13 If an administrative case links to multiple survey households, we distribute ben-
efit dollars from the administrative case proportionally to the number of individuals
linked to each household.
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IV. Methods

To begin,we define our baselinemeasure of extreme poverty (based on sur-
vey reports of cash income) and explain the decisions involved in constructing
this measure.We then describe howwe can improve on this reportedmeasure
using only the survey data. These adjustments involve incorporating non-
medical in-kind transfers, undertaking conservative corrections for errors in
reported earnings, and accounting for substantial assets. Next, we illustrate
how bringing in the administrative data further improves the measurement
of extreme poverty beyond what is possible in the survey. Last, we validate
each of the survey-only adjustments by examining the administrative incomes
and survey-reported material hardships, housing circumstances, and demo-
graphics of the groups removed from extreme poverty by the adjustments.
Through confirming that those characterized as not extreme poor are well
off according to other indicators, the resulting measure reflects multiple di-
mensions of material well-being. As a check on our results, we examine the
prevalence of those who are not in extreme poverty according to the survey
but are reclassified as extreme poor after substituting in the administrative
data. This group turns out to be miniscule.

A. Defining Extreme Poverty and Sample Construction

A number of different definitions of extreme poverty or “disconnected-
ness” have been used in the literature. As discussed in section II, one of
the most well-known standards considers a household to be in extreme pov-
erty if the household’s income is less than or equal to $2 per person, per day.
Various papers use slightly different cutoffs or differ in what is included in
income and the period over which income is measured, although most re-
port results for multiple definitions.14 We start from pretax money income,
which includes earnings, asset and retirement income, cash transfers, and
othermoney income that a householdmay receive.15This definition—which
the US Census Bureau’s official poverty measure uses to calculate income—
ignores in-kind transfers such as SNAP and tax credits like the EITC, al-
though the SPM includes them. These sources of income have grown in im-
portance over the last two decades. Subsequently, we show the degree to
which a measure of extreme poverty based on this cash income definition

14 Deaton (2018) uses a cutoff of $4 in income after taxes and in-kind transfers per
person, per day. Blank and Kovak (2009) in their study use three alternative defi-
nitions of disconnected single-mother families: those with (1) no earnings or wel-
fare receipt over an entire year, (2) less than $2,000 in earnings and $1,000 in cash
welfare, or (3) the income in item 2 plus annual SSI income less than $1,000. United
Nations (2018) relies on Deaton.

15
“Other money income” can include sources like child support, income assis-

tance from charitable groups, and money from friends or relatives.

Income Data and Extreme Poverty in the US S19



(hereafter referred to as “reported extreme poor”) holds up after various
corrections and adjustments.
In this paper, we consider a household to be in extreme poverty if its av-

erage monthly income over the reference months in a wave is less than $2/
person/day.16 Empirically, we observe considerable overlap between obser-
vations with reported cash incomes below $2/person/day and those who are
“disconnected” based on various definitions from Blank and Kovak (2009),
suggesting that our results likely generalize to analyses of disconnectedness.17

Furthermore, we define extreme poverty at the wave level, although the re-
sults are very similar at the month level.18 There are several reasons to ana-
lyze extreme poverty at the wave level. First, a wave provides a more com-
parable time period than a month when linking with annual tax records.
Second, to keep our results comparable to measures in other surveys, such
as the CPS, we want to use a single retrospective interview rather than the
multiple interviews needed to construct calendar quarters or years.19

While previous analyses have focused on households with children (see
Shaefer and Edin 2013, 2017), we study all households and investigate how
the prevalence of extreme poverty differs across five mutually exclusive and
exhaustive household types: households headed by someone aged 65 or older
(elderly) and four nonelderly household types (single parent, multiple par-
ents, single childless adults, and multiple childless adults).20This disaggrega-
tion is informative given that eligibility for transfer programs is often depen-
dent on household type (e.g., being elderly, having children).

B. Corrections and Adjustments Using Survey
and Administrative Data

We now describe the corrections and adjustments made using survey and
administrative data to improve on the reported extreme poverty rate.Our pre-
ferred specification implements the survey-only adjustments before bringing

16 In sec. VIII, we also present results using a threshold of $4/person/day.
17 Supposewe define being “disconnected” as having less than $166.67 inmonthly

earnings, $83.33 in cash welfare, and $83.33 in SSI income, which corresponds to
one of the definitions in Blank and Kovak (2009) when the annual thresholds are
converted to monthly values. Then, among single-mother-headed households (the
focus of the literature on disconnectedness), 86% with reported cash incomes be-
low $2/person/day are disconnected, while 42% that are disconnected have reported
cash incomes below $2/person/day. See table A.22 for estimates corresponding to al-
ternative definitions of disconnectedness.

18 See table A.6 for the month-level results and table 3 for the wave-level results.
19 Startingwith the 2014 SIPP Panel, the SIPP underwent a redesignwhere, among

other changes, interviews are now conducted annually rather than every 4 months.
However, the accuracy of the redesigned SIPP remains in question (National Acad-
emies of Sciences 2018).

20 As we note in the appendix, there are some very rare cases where we classify in-
dividuals under 18 as adults—e.g., a 17-year-old singlemother living onher ownwith
her children.
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in the administrative data. We also present results using an alternative order
that brings in the administrative data first.

Survey Data

Here, we describe the corrections and adjustments made using only pub-
licly available survey data to improve on the reported extreme poverty rate.
We first incorporate the following in-kind transfers: SNAP,WIC, and hous-
ing assistance. Following the methodology in Shaefer and Edin (2013) to ac-
count for in-kind transfers, we reclassify a household as not extreme poor if
(1) its total cash income plus survey-reported values of SNAP andWIC ben-
efits exceeds $2/person/day or (2) it receives any formof housing assistance.21

Among those still in extreme poverty after incorporating in-kind trans-
fers, we calculate lower-bound earnings based on survey reports of hours
worked for pay, under the assumption that workers earn at least the federal
minimum wage ($7.25/hour). We then remove households from extreme
poverty if the earnings resulting from this correction for missing dollars ex-
ceed $2/person/day.22 We first identify the households removed by lower-
bound earnings using only reported wage and salary hours. Subsequently,
we identify households removed by lower-bound earnings for reported hours
worked in self-employment jobs aswell.Onemightworry that this algorithm
applies less well to off-the-books and/or self-employment jobswhere the fed-
eral minimum wage does not apply. As a robustness check, we apply half the
federal minimumwage to hours worked for pay, which leaves our final result
unchanged. The vast majority of individuals removed by these corrections re-
port a full set of employment characteristics but zero earnings, and they work
in occupations typically paid above the minimumwage. This finding suggests
that the zero earnings, rather than the positive hours worked (most of which

21 The assumption behind including housing assistance in this way is that the
monetary value of public or subsidized housing is worth at least $2/day/person.
For this not to be true, the assistance amount for a two-person household would
have to be less than $120/month, which seems implausible. As a robustness check,
we impute average housing assistance amounts from the administrative data on the
basis of county, household size, and year (and county and year if still missing) and
designate a household as being removed from extreme poverty if its total cash in-
come plus survey-reported SNAP and WIC benefits plus imputed housing assis-
tance amount exceeds $2/person/day. The results are identical.

22 Alternatively, we could add all other (nonearnings) survey-reported income to
these lower-bound earnings and compare the resulting amount to $2/person/day.
We choose to use our more conservative correction because the extreme poverty
threshold is so lowand, as is, very fewhours are required to remove a household from
extreme poverty. For example, a single person needs towork only 9 hours in amonth
to earn above $2/day. In practice, whether or not we choose to add other survey-
reported income to minimum wage earnings changes the results by only a few hun-
dredths of a percentage point.
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are not imputed), are anomalous and thus recorded incorrectly.23 Conversa-
tions with US Census Bureau employees indicate that editing problems in
the SIPP are responsible for at least a substantial share of these cases. As we
later show, these issues appear to be unique to the SIPP and are not present
in the CPS. The appendix (available online) provides a thorough discussion
of how we calculate these lower-bound earnings and the occupations associ-
ated with households removed by these corrections.
Our last survey-only adjustment accounts for households holding sub-

stantial assets. Among those still left in extreme poverty after incorporating
in-kind transfers and lower-bound earnings, we consider a household to
not be in extreme poverty if its reported real estate equity exceeds $25,000,
if liquid assets exceed $5,000, or if total net worth exceeds $50,000.24 We in-
clude the restriction that households must have positive total assets to be
reclassified by this adjustment. We obtain asset amounts from the topical
modules to waves 7 and 10 of the SIPP. While we acknowledge that assets
are not part of cash or in-kind income, it seems inappropriate to consider
households with sizeable assets that could be drawn on to be in extreme pov-
erty. We later show that the preponderance of these households would be
removed by the administrative data corrections, but we feel it is important
to show what can be done with the survey data alone.25 It should be noted
that the SPM accounts for assets in its thresholds, and the Haig-Simons

23 Among all individuals aged 15 or above with zero earnings and positive wage/
salary hours worked in wave 9, 69.7% report an hourly wage, 95.4% of all hourly
wage reports are above the federal minimum wage, and 99.6% of all hourly wage
reports are above half the federal minimum wage (per the public use data). This im-
plies that our minimum wage assumption is sensible and, if anything, an underesti-
mate. We further verify that the vast majority of households removed by these cor-
rections have incomes above $2/person/day from the administrative records, and
they resemble the average household in the United States on various measures of re-
ported well-being.

24 Real estate equity includes home equity and equity in any other real estate, in-
cluding mobile homes. Liquid assets include checking accounts, savings accounts,
money market accounts, bonds, securities, mutual funds, debt or margin accounts,
certificates of deposits, and stocks. Total net worth equals total assets (liquid assets,
retirement accounts, real estate equity, vehicle equity, business equity, and the value
of other financial investments; i.e., “equity in other assets”) minus secured and unse-
cured debt.

25 In the end, the adjustment for substantial assets increases our final extreme pov-
erty rate by only 0.13 percentage points. This is because 0.46% of households are re-
moved from extreme poverty by the assets adjustment (table 3), and 28.2% of these
households have incomes below $2/person/day in the administrative data (fig. 3).
Multiplying these numbers results in 0.13% of all households that are removed from
extreme poverty by the assets adjustment (our final survey-only adjustment before
bringing in the administrative data) but not the administrative data.
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definition of income—along with authoritative sources on poverty mea-
surement, such as Ruggles (1990) and Citro and Michael (1995)—explicitly
recognizes that not accounting for assets is problematic. In its “Guide on
Poverty Measurement,” the United Nations Economic Commission for Eu-
rope (2017) states that “Owning your own house or apartment in effect pro-
vides you with housing services, which should be considered as part of both
income and consumption” (p. 50). Asset tests are also part of the eligibility
requirements for most means-tested programs, and Ruggles (1990) states that
a primary reason for not accounting for assets in poverty measurement is sim-
ply that most surveys do not ask about assets (p. 149).

Administrative Data

Given the underreporting of many types of income, such as government
transfers and private pensions, we bring in administrative data to further re-
fine the extreme poverty rate. Among those still in extreme poverty after all
survey-only adjustments, we consider households to not be extreme poor if
their incomes exceed $2/person/day after replacing survey reports with ad-
ministrative measures for various income sources. The administrative data
can help account for false negatives among recipients of transfer programs
and gross errors in reported amounts, among other survey errors. We first
replace survey reports of earnings, interest and dividends, and retirement dis-
tributions with values from administrative tax records.26 We then add EITC
amounts calculated from tax records. We hereafter refer to these income
sources collectively as “tax data income.”
Next, we replace survey reports of OASDI, SSI, housing assistance, and

SNAPwith values from administrative program records.27Wehereafter refer
to these income sources collectively as “transfer income.”We are able to di-
rectly incorporate OASDI, SSI, and housing assistance for all states, while

26 Since survey reports may cover earnings from off-the-books and nonstandard
jobs that are not reported to the IRS (see Abraham et al. 2013, 2020), it may instead
be justified to take themaximumof survey and administrative reports of earnings. By
simply replacing survey reports of earnings with administrative tax earnings, we run
the risk of trivially overstating the extreme poverty rate. In practice, it does notmatter
for this analysis whether we take the maximum of survey and administrative values.
Since the survey values must lie below $2/person/day at the stage when we bring in
the administrative data, there is effectively no difference between taking just (1) the
administrative earnings values and (2) the maximum of the administrative earnings
values and minuscule survey values (the vast majority of which are zero).

27 For SSI, we only have administrative data on federally administered benefits,
even though states can separately administer benefits themselves. Thus, our preferred
measure of total SSI benefit amounts sums administrative values for federally admin-
istered SSI and survey values for state-administered SSI.
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we use administrative SNAP records for 11 states (covering 29%of the pop-
ulation) to estimate the effect of the administrative SNAP data for all states.
Specifically, we calculate our final estimate of the extreme poverty rate by
multiplying the rate after accounting for the survey-only adjustments, the
administrative tax data, and the administrative non-SNAP transfer data (cal-
culated over all 50 states) by the fraction of such households in the 11 states
remaining in extreme poverty after bringing in the administrative SNAP data.
By taking this approach, we need only assume that these 11 states are represen-
tative of the entire country in the marginal impact of the administrative SNAP
data, which is weaker than assuming that they are representative in the level of
extreme poverty.However, tableA.8 shows that these 11 states are indeed sim-
ilar to the rest of the country on a number of demographic and economic char-
acteristics.28 As we later show, whether or not we include the administrative
SNAP data at all makes very little difference for our final results.
We also employ an alternative ordering of our main results that incorpo-

rates the administrative datafirst. Among thosewith survey-reported incomes
below $2/person/day, we start by replacing survey reports of earnings with
administrative earnings before bringing in administrative data on other sources
of cash income, including asset income, retirement distributions, OASDI, SSI,
and the EITC. We then bring in administrative program values for housing
assistance and SNAP (in that order), using once again a proportional adjust-
ment for SNAP calculated using the 11 states for which we have administra-
tive SNAP data.

C. Validating the Survey-Only Adjustments

We recognize that our adjustments using only the publicly available sur-
vey data are imperfect. For example, some earnings, such as those from self-
employment or off-the-books jobs, are not subject to minimumwage legisla-
tion.Moreover, the survey reports of hoursworked and assetsmay themselves
be misreported. Consequently, we thoroughly validate the appropriateness
of each survey-only adjustment using information from the administrative
data anddetailedmeasures ofwell-being from the SIPP topicalmodules. Pov-
erty definitions should be examined to see how they accord with other indi-
cators of disadvantage, but—in practice—measures are typically chosen for

28 Households in the SNAP states have extreme, deep, and official poverty rates
(measured on the basis of cash income) that are insignificantly different from the
rates in the full sample. Fewer households in the SNAP states receive OASDI and
SSI, and more receive SNAP, Public Assistance, and housing assistance than those
in the full sample, although only the differences for SSI, SNAP, and housing assis-
tance are statistically significant at the 5% level.
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other reasons without such validation.29 First, for each subgroup of the re-
ported extreme poor removed by a survey-only adjustment, we directly cal-
culate the share of householdswith incomes above $2/person/day after replac-
ing survey values with the available administrative data values for various
income sources. To investigate the extent of gross errors, we also calculate
the share of households in each subgroup with incomes above half the pov-
erty line (the deep poverty cutoff), the poverty line, and twice the poverty
line on the basis of the administrative data.30

As a second check on the validity of the survey-only adjustments, we com-
pare the groups removed from extreme poverty to the official poor and all
households on the basis of survey-reported measures of hardship and hous-
ing quality.31 Conveniently, these measures of material well-being are col-
lected from the same interview wave (wave 9) as the income measures. For
material hardships, we examine survey answers (yes/no) to nine separate
questions on a range of hardships, including not being able to pay all essen-
tial expenses, rent, mortgage, or an energy bill; having energy or telephone
service disconnected; being evicted; not being able to see a doctor or dentist;
and experiencing a lack of food. We also examine ownership of the follow-
ing eight appliances: microwaves, dishwashers, air conditioners, color tele-
visions, computers, in-unit washers, in-unit dryers, and cell phones.32 We
further investigate whether a household faces any of seven housing quality
issues, including problems with pests, a leaking roof, broken windows, ex-
posed wires, plumbing problems, and cracks or holes in the walls, ceiling,
or floors. An advantage of examining material hardships and housing prob-
lems is that these measures may be more indicative of deprivation, while an
advantage of examining appliances is that they can be easily and objectively
measured. The appendix provides a more detailed description of the specific
hardship andmaterialwell-being variables used. Finally, we assess additional
demographic and economic characteristics reported in the SIPP—such as
student status, educational attainment, health insurance coverage, and asset
ownership—to obtain an even better picture of each group removed from
extreme poverty.

29 Exceptions include Mayer and Jencks (1989) and Meyer and Sullivan (2003,
2011, 2012).

30 For a single nonelderly individual, the average monthly poverty line in wave 9
corresponds to $32.15/person/day.

31 For the analyses of survey-reported well-being and demographics, we use the
full survey sample and original survey weights (as opposed to the PIKed sample
and adjusted survey weights).

32 We exclude certain appliances (refrigerators, freezers, stoves, and regular tele-
phones) that we think households are likely to own regardless of their material cir-
cumstances, precisely in an effort to capture those appliances that are most strongly
indicative of well-being.
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V. Main Results

A. Extreme Poverty after Adjustments

Table 3 displays the share of households that are left in extreme poverty
after successively incorporating each adjustment.33 The first column starts
with survey-reported cash income and finds that 2.97% of all households
report having less than $2/person/day of cash income.34 However, nearly
a third of these households are reclassified as not extreme poor by survey-
reported in-kind transfers,with the extreme poverty rate for households fall-
ing to 2.04%.Nearly 95%of the impact of survey-reported in-kind transfers
is attributable to survey-reported SNAP (see table A.5). Correcting for er-
rors in reported earnings based only on reportedwage and salary hoursworked
for pay decreases the extreme poverty rate for households to 1.83%. Further
accounting for reported self-employment hours worked decreases the ex-
treme poverty rate for households to 1.30%. All told, correcting for errors
in reported earnings removes an additional 36%of households from extreme
poverty.Accounting for substantial assets again reduces the extreme poverty
rate bymore than a third, leaving us with 0.84% of households remaining in
extreme poverty.
While adjustments using only the survey data eliminatemost extreme pov-

erty, the administrative tax and programdata provide additional information.
Applying the administrative earnings data alone removes an additional 50%
of those remaining in extreme poverty and cuts the extreme poverty rate to
0.42%. Incorporating the administrative data on asset and retirement income
decreases the extreme poverty rate to 0.35%, and adding the EITC further
reduces the rate to 0.31%. Bringing in administrative data on OASDI and
SSI lowers the extreme poverty rate to 0.27%,which decreases insignificantly
to 0.24% after bringing in the administrative housing assistance and SNAP
data.35 Of the additional households removed from extreme poverty by the
administrative data, 67% have incomes above half the poverty line, and 55%
have incomes above the poverty line.36 This finding suggests that there are

33 Standard errors are calculated using replicate weights corresponding to wave 9
of the 2008 SIPP.

34 The reported extreme poverty rate of 2.97% calculated using the PIKed sub-
sample and adjusted survey weights is nearly identical to the reported extreme pov-
erty rate of 3% calculated using the entire sample and original survey weights. See
tables A.2–A.4 for versions of tables 3, 4, and 7 using the public use SIPP data.

35 Standard errors at the final step (bringing in administrative SNAP values) are
calculated using the delta method.

36 These numbers are calculated from fig. 3. Among the remaining extreme poor
(after survey-only adjustments), 71% and 47.9% have incomes above the extreme
and deep poverty lines, respectively. Because thosewith incomes above the deep pov-
erty line are a subset of those with incomes above the extreme poverty line, we can
calculate that 67% (49.1%divided by 72.3%) of those above the extreme poverty line
are also above the deep poverty line. A similar logic follows for the poverty line.
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Table 3
Percentage of Households in Extreme Poverty

Specification

All
Households

(1)
Elderly
(2)

Single
Parents
(3)

Multiple
Parents
(4)

Single
Childless
Adults
(5)

Multiple
Childless
Adults
(6)

Survey-reported cash 2.97 .46 8.99 2.04 6.85 1.90
(.13) (.08) (.91) (.17) (.44) (.15)

Survey-only adjustments:
Add in-kind transfers 2.04 .42 2.80 1.16 5.58 1.58

(.11) (.08) (.41) (.13) (.41) (.14)
Correct wage/
salary earnings 1.83 .37 2.66 .94 5.12 1.39

(.10) (.08) (.40) (.12) (.39) (.13)
Correct self-
employment earnings 1.30 .35 1.97 .53 4.04 .75

(.08) (.08) (.38) (.08) (.32) (.09)
Account for assetsa .84 .13 1.35 .27 2.86 .44

(.07) (.05) (.32) (.06) (.31) (.07)
Administrative data

adjustments:
Correct earnings .42 .11 .54 .11 1.63 .08

(.05) (.04) (.20) (.04) (.22) (.03)
Correct assets/
retirement income .35 .06 .46 .11 1.35 .08

(.04) (.03) (.19) (.04) (.19) (.03)
Add EITC .31 .06 .10 .08 1.29 .08

(.04) (.03) (.07) (.03) (.19) (.03)
Correct OASDI/SSI .27 .01 .10 .06 1.19 .07

(.04) (.01) (.07) (.03) (.18) (.03)
Correct housing assistance .27 .01 .10 .06 1.18 .07

(.04) (.01) (.07) (.03) (.18) (.03)
Correct SNAP .24 .00 .00 .00 1.12 .07

(.04) (.00) (.00) (.00) (.18) (.03)
Population estimates (000s):
United States 118,600 26,070 6,917 31,670 22,530 31,430
SNAP states 34,360 7,356 2,035 9,290 6,642 9,036

Sample sizes:
United States 31,500 8,000 1,500 8,300 5,200 8,500
SNAP states 10,000 2,500 500 2,700 1,600 2,700

SOURCES.—Wave 9 of the 2008 Survey of Income and Program Participation Panel, spanning January–
July 2011. Administrative data sources are described in the text. Approved for release by the US Census
Bureau’s Disclosure Review Board (authorization nos. CBDRB-FY18-324 and CBDRB-FY19-173).
NOTE.—Standard errors calculated using replicate weights are in parentheses. Households in “extreme

poverty” are those with an average income across the 4 months of the wave less than or equal to $2/person/
day. Households with negative incomes in any month are defined as not in extreme poverty. The sample
consists of households with at least one member with a Protected Identification Key (PIK) and present in
reference month 4. Reference month 4 survey weights are adjusted for missing PIKs. When including hous-
ing assistance, all households that receive public housing or housing subsidies are defined as not in extreme
poverty. The number of hours that each person worked in a month is calculated as [average hours per week
worked this reference period in a paid job]� [number of weeks worked this month in a paid job]. Hours worked
in a month are then multiplied by the federal minimum wage ($7.25) to estimate lower-bound earnings for
the month, and the estimated lower-bound earnings are summed across all household members. We do not
include unpaid family workers in this calculation. Assets are as reported in the wave 10 topical module (or
wave 7 if a household does not match to wave 10). Counts are rounded according to disclosure avoidance
rules. EITC 5 Earned Income Tax Credit; OASDI 5 Old-Age, Survivors, and Disability Insurance; SNAP 5

Supplemental Nutrition Assistance Program; SSI 5 Supplemental Security Income.
a Real estate equity above $25,000, liquid assets above $5,000, or total net worth above $50,000.



still nontrivial gross errors in the extreme poverty rate after the survey-only
adjustments. Together, the adjustments reduce extreme poverty by 92% from
a reported rate of 2.97%, with more than three-quarters of the total reduction
due to corrections and adjustments using the survey data alone.
We observe a similar pattern for individuals (table 4), with in-kind trans-

fers cutting the extreme poverty rate the most and each of the other adjust-
ments also removing a sizable portion of individuals out of extreme poverty.
When looking at only reported cash income, wefind that 2.60%of individuals
live on less than $2/day. After accounting in the survey for in-kind transfers,
reported hours worked, and substantial assets, the extreme poverty rate falls
bymore than three-quarters to 0.57%.Bringing in the administrative tax and
transfer data further reduces the extreme poverty rate to 0.11%. The extreme
poverty rates for individuals are lower than those for households because
extreme poor households tend to have fewer members.

B. Corrections and Adjustments Bringing
in the Administrative Data First

Figure 1 illustrates the results of an alternative order to the adjustments that
incorporates the administrative data first. We can see that 55.1% of house-
holds initially classified as having incomes below $2/person/day on the basis
of survey cash reports have incomes above $2/person/day from the adminis-
trative earnings records alone. In other words, correcting earnings using the
administrative data single-handedly decreases the extreme poverty rate from
a survey base of 2.97% to 1.33%. Bringing in the other administrative sources
of money income shows that a full 73%of reported extreme poor households
are misclassified simply as a result of errors in cash reports of earnings, asset
income, retirement distributions, OASDI, and SSI and the omission of the
EITC. This change further brings down the extreme poverty rate to 0.80%.
When we add in administrative sources of in-kind transfers (housing assis-
tance and SNAP), 83.1% of those originally classified as being in extreme
poverty have incomes above the extreme poverty threshold. In sum, this im-
plies that the administrative data alone can decrease the extreme poverty rate
from a reported cash base of 2.97% to 0.50%. The adjustments using only
the survey data then take the extreme poverty rate down by an additional
0.26 percentage points to 0.24%. Thus, when incorporated first, the admin-
istrative data can account for 90% of the change in extreme poverty due to
all adjustments.
Furthermore, nearly half of all households initially classified as being in

extreme poverty on the basis of survey cash reports have incomes above the
poverty line, and more than a fifth have incomes above twice the poverty
line. This finding makes it clear that there is a vast amount of error associ-
ated with classifying households as extreme poor solely on the basis of their
survey-reported cash income. We can also show from figure 1 that 79% of

S28 Meyer et al.



Table 4
Percentage of Individuals in Extreme Poverty

Specification

All
Households

(1)
Elderly
(2)

Single
Parents
(3)

Multiple
Parents
(4)

Single
Childless
Adults
(5)

Multiple
Childless
Adults
(6)

Survey-reported cash 2.60 .47 9.56 2.11 6.85 1.83
(.14) (.21) (.98) (.17) (.44) (.15)

Survey-only adjustments:
Add in-kind transfers 1.57 .43 2.65 1.20 5.58 1.50

(.09) (.21) (.45) (.14) (.41) (.14)
Correct wage/
salary earnings 1.37 .36 2.53 .95 5.12 1.33

(.09) (.18) (.44) (.12) (.39) (.14)
Correct self-
employment earnings .90 .35 1.93 .52 4.04 .75

(.06) (.18) (.45) (.09) (.32) (.11)
Account for assetsa .57 .11 1.49 .28 2.86 .46

(.05) (.04) (.45) (.06) (.31) (.10)
Administrative data

adjustments:
Correct earnings .24 .09 .64 .10 1.63 .09

(.03) (.04) (.28) (.04) (.22) (.04)
Correct assets/
retirement income .21 .06 .56 .10 1.35 .09

(.03) (.03) (.25) (.04) (.19) (.04)
Add EITC .17 .06 .12 .07 1.29 .09

(.03) (.03) (.10) (.03) (.19) (.04)
Correct OASDI/SSI .14 .01 .12 .05 1.19 .07

(.02) (.01) (.10) (.02) (.18) (.04)
Correct housing assistance .14 .01 .12 .05 1.18 .07

(.02) (.01) (.10) (.02) (.18) (.04)
Correct SNAP .11 .00 .00 .00 1.12 .07

(.02) (.00) (.00) (.00) (.18) (.04)
Population estimates (000s):
United States 305,600 45,540 18,770 138,300 22,530 80,460
SNAP states 88,610 13,030 5,358 39,990 6,642 23,590

Sample sizes:
United States 82,500 14,500 4,500 37,000 5,500 21,000
SNAP states 26,500 4,500 1,400 12,000 1,700 6,700

SOURCES.—Wave 9 of the 2008 Survey of Income and Program Participation Panel, spanning January–
July 2011. Administrative data sources are described in the text. Approved for release by the US Census
Bureau’s Disclosure Review Board (authorization nos. CBDRB-FY18-324 and CBDRB-FY19-173).
NOTE.—Standard errors calculated using replicate weights are in parentheses. Individuals in “extreme

poverty” are those living in households with an average income across the 4 months of the wave less than
or equal to $2/person/day. Individuals with negative household incomes in any month are defined as not in
extreme poverty. The sample consists of individuals living in households with at least one member with a
Protected Identification Key (PIK) and present in reference month 4. Reference month 4 survey weights are
adjusted for missing PIKs. When including housing assistance, all households that receive public housing or
housing subsidies are defined as not in extreme poverty. The number of hours that each person worked in
amonth is calculated as [average hours per weekworked this reference period in a paid job]� [number of weeks
worked this month in a paid job]. Hours worked in a month are then multiplied by the federal minimum wage
($7.25) to estimate lower-bound earnings for the month, and the estimated lower-bound earnings are summed
across all household members. We do not include unpaid family workers in this calculation. Assets are as re-
ported in the wave 10 topical module (or wave 7 if a household does not match towave 10). Counts are rounded
according to disclosure avoidance rules. EITC5 Earned Income Tax Credit; OASDI5 Old-Age, Survivors, and
Disability Insurance; SNAP5 Supplemental Nutrition Assistance Program; SSI5 Supplemental Security Income.

a Real estate equity above $25,000, liquid assets above $5,000, or total net worth above $50,000.



all misclassified households are initially categorized as extreme poor be-
cause of errors in reports of cash income, including earnings, retirement in-
come, OASDI, and SSI and the omission of the EITC.37 This share must be

FIG. 1.—Share of reported cash extreme poor households raised above income
thresholds by administrative data. The sample consists of households initially classi-
fied as having incomes below $2/person/day on the basis of survey-reported cash in-
come, with at least one member with a Protected Identification Key (PIK) and pre-
sent in referencemonth 4. Referencemonth 4 surveyweights are adjusted formissing
PIKs.Other administrative tax data income includes asset income (taxable dividends,
taxable and tax-exempt interest), retirement distributions (gross distributions from
employer-sponsored plans and individual retirement account withdrawals), and the
Earned IncomeTaxCredit. Sources:Wave 9 of the 2008 Survey of Income andProgram
Participation Panel, spanning January–July 2011. Administrative data sources are de-
scribed in the text. Approved for release by the USCensus Bureau’s Disclosure Review
Board (authorization nos. CBDRB-FY18-324 and CBDRB-FY19-173). OASDI5
Old-Age, Survivors, and Disability Insurance; SNAP5 Supplemental Nutrition As-
sistance Program; SSI 5 Supplemental Security Income.

37 To calculate this share, note that 92% of all reported cash extreme poor house-
holds are misclassified (since the adjustments decrease the rate from a base of 2.97%
to 0.24%). We also know from fig. 1 that 73% of reported extreme poor house-
holds are misclassified because of errors in cash reports of tax data income, OASDI,
and SSI and the omission of the EITC. Because these households are a subset of all
misclassified households, we divide 73% by 92% to obtain the share of all misclas-
sified households initially among the reported cash extreme poor because of errors
or omissions in cash reports.
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a lower bound for those misclassified as a result of all errors in cash income,
because the DER (our source of administrative earnings data) misses the
income of low-paid household workers and undocumented immigrants as
well as other income, such as tips not reported to an employer. TheDERalso
records only Medicare-taxable self-employment earnings, which is defined
as 92.35%of total net self-employment incomeminus health insurance costs,
and it additionallymisses off-the-books income.Consequently, in-kind trans-
fers play a secondary role relative to errors in cash reports in explaining the
high reported extreme poverty rate.

C. Extreme Poverty by Household Type

We now analyze how extreme poverty differs by household type. Shaefer
andEdin focus on twoof thefive household types (thosewith children), while
the “disconnected families” literature focuses on single-parent households.
We first consider elderly households, which tend to have a significantly lower
extreme poverty rate than other household types.38 The elderly begin with a
reported extreme poverty rate of 0.47%, less than one-sixth the rate for all
households (table 3, col. 2). After incorporating each of the survey-only ad-
justments, 0.11% of elderly households remain in extreme poverty. Bringing
in the administrative tax and non-SNAP transfer data removes nearly 90% of
the remaining households from extreme poverty. Perhaps not surprisingly for
these elderly households, the role of the administrative data is driven entirely
by improved measures for three income sources: retirement distributions,
OASDI, and SSI (table 5, col. 2). Thefinal estimate of the elderly extreme pov-
erty rate is 0.01% prior to bringing in administrative SNAP records, and it
becomes zero after incorporating SNAP.
We next consider single-parent households (table 3, col. 3), whose reported

extreme poverty rate of 8.99% ismore than three times and statistically signif-
icantly above the rate for all households.39 However, about two-thirds of
single-parent households are reclassified as not extreme poor by survey-
reported in-kind transfers. The extreme poverty rate for single-parent house-
holds then declines to 1.97% and 1.35% after correcting for underreported
earnings and accounting for substantial assets in the survey, respectively. After
bringing in the administrative tax data, the extreme poverty rate for single par-
ents falls to 0.1%. Most of this reduction is due to administrative earnings
and theEITC (calculated fromprior year earnings).After including the admin-
istrative SNAP data, no single-parent households remain in extreme poverty.
Among single-parent households in the remaining extreme poor after the

38 The only exception to this pattern is that the elderly do not have a significantly
lower extreme poverty rate than multiple-parent households after the self-employment
correction.

39 See table A.7 for the results of two-sample t-tests comparing the extreme poverty
rate for every household type to all other household types, before and after every
adjustment.
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survey-only corrections, 75% have positive earnings from the tax records,
and 69% receive at least one transfer—usually SNAP or the EITC—per
the administrative data (table 5, col. 3).
Unlike single-parent households, multiple-parent households start with a

reported extreme poverty rate of 2.04%,which is significantly below that of
all households (table 3, col. 4). In-kind transfers noticeably decrease their ex-
treme poverty rate by 43%, and the subsequent adjustments for reported hours
worked and assets bring down their extremepoverty rate to 0.27%.Like single-
parent households, multiple-parent households have an estimated extreme
poverty rate of zero after incorporating the administrative data. This impact
of the administrative data is driven again by the role of earnings and transfers,
with more than 70% of the remaining extreme poor after survey-only adjust-
ments having positive earnings and 79% receiving a transfer (table 5, col. 4).

Table 5
Income Receipt Rates (%) for Remaining Extreme Poor Households
after Survey-Only Adjustments

Source

All
Households

(1)
Elderly
(2)

Single
Parents
(3)

Multiple
Parents
(4)

Single
Childless
Adults
(5)

Multiple
Childless
Adults
(6)

Earnings 55.93 15.41 74.76 70.15 47.92 81.24
(3.34) (14.97) (10.01) (11.57) (4.29) (7.05)

Asset income 9.77 15.41 .00 6.67 9.17 19.61
(2.30) (14.97) (.00) (3.73) (2.89) (7.93)

Retirement
distributions 11.75 43.08 6.59 3.90 12.75 7.88

(2.25) (18.77) (7.07) (4.04) (3.40) (4.06)
OASDI 6.14 58.50 .00 7.18 5.15 1.58

(1.69) (19.83) (.00) (5.04) (2.06) (1.71)
SSI 2.83 35.47 .00 14.46 .00 2.69

(1.18) (19.21) (.00) (9.00) (.00) (2.20)
Housing 3.55 20.60 1.11 11.00 2.79 .00

(1.47) (15.54) (1.08) (9.69) (1.69) (.00)
EITC 30.19 .00 67.95 73.34 19.19 36.18

(3.40) (.00) (11.41) (9.18) (3.74) (11.38)
SNAP 19.06 61.40 73.40 3.80 21.79

(4.26) (14.34) (19.23) (2.49) (11.19)
Any transfer 42.68 89.51 69.26 78.73 30.97 51.40

(6.81) (11.12) (20.81) (20.08) (8.14) (18.07)

SOURCES.—Wave 9 of the 2008 Survey of Income and Program Participation Panel, spanning January–
July 2011. Administrative data sources are described in the text. Approved for release by the US Census
Bureau’s Disclosure Review Board (authorization nos. CBDRB-FY18-324 and CBDRB-FY19-173).
NOTE.—Standard errors calculated using replicate weights are in parentheses. These shares reflect the

percentage of households among the remaining extreme poor after the survey-only adjustments that receive
each source of income in the administrative data. The sample consists of households with at least one mem-
ber with a Protected Identification Key (PIK) and present in reference month 4. Reference month 4 survey
weights are adjusted for missing PIKs. All income sources are calculated over all 50 states except for the
SupplementalNutritionAssistance Program (SNAP) and the any-transfer category,which are calculated over
the 11 states for which we have administrative SNAP data. For the elderly, we omit SNAP from the any-
transfer category. EITC5 Earned Income Tax Credit; OASDI5Old-Age, Survivors, and Disability Insur-
ance; SSI 5 Supplemental Security Income.
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Households containing a single nonelderly individual have a reported ex-
treme poverty rate of 6.85%, which—while lower than that of single-parent
households—is still 2.3 times and statistically significantly higher than that
of all households (table 3, col. 5). Single individuals are not nearly as impacted
by the adjustments and therefore have the highest extreme poverty rate of
any household type after every adjustment.We are left with 2.86%of single
individual households in extreme poverty after the survey-only adjust-
ments, which is almost as high as the overall reported extreme poverty rate.
Bringing in the administrative data also has a smaller effect on single individ-
uals, removing just 61% of single individuals remaining in extreme poverty
after the survey-only adjustments. This relatively smaller reduction is due to
several factors. First, single individuals appear to be particularly disconnected
from the safety net, with only 31% of the remaining extreme poor after the
survey-only corrections receiving at least one transfer.40 Second, the majority
of these remaining extreme poor single individuals do not have earnings (ta-
ble 5, col. 5). We are therefore left with a final extreme poverty rate of 1.12%
for nonaged single individuals.
Multiple childless adult households have a reported extreme poverty rate

(1.90%) not far from that ofmultiple-parent households (table 3, col. 6). The
survey adjustments for in-kind transfers, reported hours worked, and sub-
stantial assets together decrease their extreme poverty rate by more than
three-quarters to 0.44%.After adding in administrative tax and transfer data,
the extreme poverty rate formultiple childless adults becomes 0.07%.Among
the remaining extreme poor after survey-only adjustments, multiple child-
less adults have far more earnings than single individuals (table 5, col. 6)
and have a high in-kind transfer receipt rate. Consequently, 85%ofmultiple
childless adult households among the remaining extreme poor after survey-
only adjustments are removed by the administrative data (compared with
only 61% of single individuals). In summary, the combined survey and ad-
ministrative data indicate that extreme poverty is extremely rare for the el-
derly, families with children, and multiple childless adults.

D. Distribution of Household Types

Not only do the errors in the income data exaggerate the level of extreme
poverty, but they also lead to a distorted image of the type of households
likely to be at the very bottom. Among the reported extreme poor, single in-
dividuals make up the largest share at nearly 44% (fig. 2A). Householdswith

40 Tests of differences across household types are often indecisive when restricted
to the smaller set of states with SNAP data. Focusing on transfers besides SNAP
and those remaining in extreme poverty after the survey corrections, single individ-
uals have a significantly lower receipt rate than all other household types except
multiple childless adults.
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FIG. 2.—Household-type distribution of extreme poor subgroups after adjust-
ments.A, Share of households.B, Share of individuals. The sample consists of house-
holdswith at least onememberwith a Protected IdentificationKey (PIK) and present
in reference month 4. Reference month 4 survey weights are adjusted for missing
PIKs. Sources:Wave 9 of the 2008 Survey of Income and Program Participation Panel,
spanning January–July 2011. Administrative data sources are described in the text. Ap-
proved for release by theUSCensus Bureau’sDisclosureReviewBoard (authorization
nos. CBDRB-FY18-324 and CBDRB-FY19-173). SNAP 5 Supplemental Nutrition
Assistance Program.



children form the next largest shares, with single- andmultiple-parent house-
holds together making up about 36% of the reported cash income extreme
poor (about 18% each). Multiple childless adult households also make up
about 17% of the reported extreme poor, while elderly households contrib-
ute only a little over 3%.However, as we add each adjustment, single individ-
ual households constitute an increasingly larger share. After the survey-only
adjustments, they constitute 65% of the remaining extreme poor households.
Once we incorporate the administrative tax and non-SNAP transfer data,
single individuals make up more than 83% of all extreme poor households,
with this share rising to nearly 92% after bringing in the administrative
SNAP data.
While single individuals constitute a disproportionate share of the house-

holds in extreme poverty, we may also want to consider the composition of
extreme poverty in terms of the share of individuals living in extreme poor
households (fig. 2B).When analyzing extreme poverty at the individual level,
we find that only about 19% of the reported extreme poor are single individ-
uals, while 59% are members of households with children (about 23% single
parent and 36%multiple parent). Multiple childless adults make up another
19%, and the elderly contribute 2.7%.Nonetheless, we see with each adjust-
ment the same (albeit less dramatic) pattern that we saw with households, as
single individuals make up an ever-larger share of extreme poor individuals.
Specifically, single individuals make up 37% of the remaining extreme poor
individuals after the survey-only adjustments, and theymake up almost 81%
of extreme poor individuals after all adjustments.

VI. Validation of Survey-Only Adjustments

We now describe the results obtained from validating each of the survey-
only adjustments through comparisons to administrative income data and
survey reports of material well-being and selected demographics. Through-
out this section, the “remaining extremepoor” subgroup refers to households
that are left in extreme poverty after the survey-only adjustments.

A. Administrative Income Data

We first examine the share of households in each extreme poor subgroup
with incomes above $2/person/day (and other thresholds) according to the
administrative data (see fig. 3).While the administrative data are our most ac-
curate source for many income components, they still have important gaps.
Yet we are able to confirm the vast majority of our corrections and adjust-
ments with these incomplete administrative data.
First, for the households reclassified as not extreme poor by survey-

reported in-kind transfers, more than 99% have incomes above $2/person/
day according to the administrative tax and transfer data. As expected, the
administrative transfer data play a relatively large role for this subgroup, with
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FIG. 3.—Share of households in extreme poor subgroups raised above income
thresholds by administrative data. The sample consists of households with at least
one member with a Protected Identification Key (PIK) and present in reference
month 4. Referencemonth 4 surveyweights are adjusted formissing PIKs.Other ad-
ministrative tax data income includes asset income (taxable dividends, taxable and
tax-exempt interest), retirement distributions, and Earned Income Tax Credit. Non–
Supplemental Nutrition Assistance Program (SNAP) transfers include Old-Age, Sur-
vivors, and Disability Insurance, Supplemental Security Income, and housing assis-
tance. Sources: Wave 9 of the 2008 Survey of Income and Program Participation
Panel, spanning January–July 2011. Administrative data sources are described in the
text.Approved for release by theUSCensusBureau’sDisclosureReviewBoard (autho-
rization nos. CBDRB-FY18-324 and CBDRB-FY19-173).



nearly a third of its households removed from extreme poverty by adminis-
trative transfers after accounting for income from the administrative tax re-
cords. The tiny percentage of households not raised above $2/person/day by
the administrative data may be due to incomplete administrative data, in-
complete linkage, or survey false positives. The correction for reportedwage
and salary hours is similarly robust, with 93%of the households removed by
this correction having incomes from the administrative data confirmed to be
above the extreme poverty threshold. Convincingly, 89% of these house-
holds are removed from extreme poverty by the administrative earnings
alone. This subgroup also appears to have substantial gross errors, with
65% of households having incomes above the poverty line and 45% having
incomes above twice the poverty line.
There is slightly less confirmation of the corrections for reported self-

employment hours and substantial assets. Among the households removed
because of reported self-employment hours, 70% have incomes above $2/
person/day based on administrative earnings alone, and 78% have incomes
above the threshold using all administrative tax and transfer data.While these
shares are still large, they are smaller than those for the groups reclassified by
in-kind transfers andwage and salary hours. This discrepancy could be due in
part to the underreporting of self-employment earnings on tax returns (IRS
2016). The error is unlikely to result fromminimumwage earnings being too
high of a lower bound for self-employment earnings, given the relatively
high-earning self-employment occupations and industries reported for this
group (tables A.16, A.17) and the similarity of the results using half the min-
imumwage (table 7). Among the households removed from extreme poverty
because of substantial assets, 67% are not extreme poor based on the admin-
istrative tax data, and 72% are not extreme poor based on the administrative
tax and transfer records. However, note once again the high fraction of gross
errors in this subgroup, with 47% of households having incomes above the
poverty line and 27% having incomes above twice the poverty line.
We therefore find strong evidence that these survey-only adjustments are

by and large confirmed by the administrative data. The adjustments for in-
kind transfers and reportedwage and salaryhours are particularly robust,with
nearly all reclassified households having incomes above $2/person/day in
the administrative data. The adjustments for reported self-employment
hours and substantial assets are less strongly validated by the administrative
data, but it is important to remember that our administrative data do not
completely cover all income sources and do not cover assets at all.

B. Survey-Reported Material Well-Being

Next, we assess the material well-being of the potentially misclassified
reported extreme poor households to perform yet another test of the valid-
ity of our survey-only adjustments. Figure 4 displays the mean number of
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material hardships experienced by households among the reported extreme
poor and the groups removed by each adjustment. The dotted line shows
the mean for all official poor households, while the dashed line shows the
mean for all households.41 Figure 5 shows the share of households with at
least one hardship, while figure 6 shows housing problems and figure 7
shows appliance ownership.42

Lookingfirst at the number of hardships, which ranges from zero to nine,
a clear pattern appears. The reported extreme poor experience 1.22 hard-
ships on average. This count is slightly below but insignificantly different
from the number of material hardships, 1.29, experienced by official poor
households.43Assuming that the truly extreme poor should experiencemore

FIG. 4.—Mean number ofmaterial hardships for extreme poor subgroups. Source:
Wave 9 of the public use 2008 Survey of Income and Program Participation Panel,
spanning January–July 2011.

41 Official poor households are defined as having incomes below official poverty
thresholds, which vary by household size and composition.

42 In table A.11, we also report for all extreme poor and subgroups the percentage
with each of these hardships, appliances, or problems as well as the percentage of
households with at least one hardship, appliance, or problem (and for material hard-
ships, the percentage of households with five or more material hardships). See
figs. A.1–A.4, available online, for a breakdown of these patterns by household type.

43 See tableA.9 for the results of two-sample t-tests comparing thewell-beingmea-
sures for every extreme poor subgroupwith those of official poor and all households.
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hardships than the official poor, this finding suggests that there could be
substantial classification error in the reported extreme poor. Indeed, we see
that sharp differences between subgroups of the reported extreme poor add
up to the overall result. Most of the subgroups do not experience hardships
at a level commensurate with extreme poverty, although one of the sub-
groups does.
Focusing first on the subgroup that appears especially disadvantaged,

households that are removed from extreme poverty by in-kind transfers ex-
perience on average of 1.98 hardships, 53% more hardships than official
poor households (with this gap being statistically significant). Recipients
of in-kind transfers are clearly among the worst-off noninstitutionalized
Americans, suggesting that these transfer programs are well targeted. On
the other hand, the groups removed from extreme poverty by wage and sal-
ary hours, self-employment hours, and substantial assets experience about
the same number of hardships as a typical household in the United States.
Specifically, those removed by wage and salary hours have 0.53 hardships,
13% fewer than the average of 0.61 over all households,while those removed
by self-employment hours and substantial assets have 0.67 and 0.65 hard-
ships, only 10% and 7% more, respectively, than the average household.
For none of these subgroups is the difference in mean hardships from all

FIG. 5.—Share of households with any material hardship for extreme poor sub-
groups. Wave 9 of the public use 2008 Survey of Income and Program Participation
Panel, spanning January–July 2011.
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households statistically significant. Thus, rather than being extreme poor or
even poor, these households appear to be close to average or better. The re-
maining extreme poor after the survey-only corrections average 1.21 hard-
ships,which is insignificantly different from the average number of hardships
experienced by the official poor. This last result suggests that some sub-
stantial errors still remain, which is not surprising since the remaining group
includes those households that are not in extreme poverty when incorpo-
rating the administrative data. Similar patterns emerge when we analyze the
share of households reporting at least one hardship (fig. 5) or having five or
more hardships (table A.11).
Examining housing quality issues and appliance ownership reveals pat-

terns that are similar but often less dramatic than those formaterial hardships.
The reported extreme poor have on average 0.36 housing quality problems
and 5.98 appliances, which is insignificantly different from the 0.40 housing
problems and 5.91 appliances of the official poor. These two comparisons
again suggest that there are problems with the designation of extreme pov-
erty in the raw reported data. Those households reclassified as not extreme
poor because of in-kind transfers have a very high rate of housing problems—
0.43 on average (although this is insignificantly different from the official

FIG. 6.—Mean number of home problems for extreme poor subgroups. Source:
Wave 9 of the public use 2008 Survey of Income and Program Participation Panel,
spanning January–July 2011.
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poor)—and they own 5.49 appliances, significantly fewer than the official
poor. Again, these gaps demonstrate the good targeting of in-kind transfers.
On the other hand, the households removed from extreme poverty be-

cause of reported hours worked or substantial assets have a mean number
of housing problems closer to the overall average. Households removed by
wage and salary hours worked and by substantial assets have on average 0.28
and 0.30 problems, respectively, which is in between (and insignificantly
different from) the average level for all households and the official poor.
Those removed by self-employment hours have on average 0.23 problems,
significantly lower than those of the official poor and insignificantly different
from those of all households. The households removed by self-employment
hours also own 6.90 appliances on average, a high level compared with the
other subgroups,44 and the households removed by wage and salary hours
and substantial assets have 6.64 and 6.73 appliances, respectively, or 4% and

FIG. 7.—Mean number of appliances owned by extreme poor subgroups. Source:
Wave 9 of the public use 2008 Survey of Income and Program Participation Panel,
spanning January–July 2011.

44 This number is statistically significantly higher at the 1% level than that of
households removed by in-kind transfers and the remaining extreme poor after sur-
vey corrections, but it is not significantly different than that of households removed
by wage/salary hours or assets.
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2% fewer than all households. For none of these subgroups is the difference
from all households in mean appliances statistically significant. Finally, the
remaining extreme poor again are insignificantly different from the official
poor on the mean number of housing problems, but they own statistically
significantly fewer appliances (almost 10% less) than the official poor.
In table A.12, we also test whether the differences in material well-being

between the groups removed from extreme poverty by the survey-only ad-
justments remain after controlling for demographic covariates. To do so, we
regress an indicator of well-being (mean number of hardships, appliances, or
housing problems) on a dummy for whether a household is poor based on
pretax cash income, separate dummies for whether a household is removed
from extreme poverty by a given adjustment, and covariates for the age of the
household head and the number of children and adults in the household.
Even after the inclusion of covariates, we find that the households removed
from extremepoverty by in-kind transfers continue to be significantlyworse
off than poor households, while those removed by the earnings and asset ad-
justments have hardships insignificantly different from the average nonpoor
household.
In sum, while some of the indicators of well-being may be imperfect on

their own,we observe the same pattern across everymeasure—that the house-
holds removed from extreme poverty by in-kind transfers are materially
worse off than the official poor,while the households removed from extreme
poverty by the earnings and assets adjustments have a level of material well-
being similar to the average over US households.

C. Survey-Reported Demographics

Finally, we briefly discuss the demographic characteristics of households
among the reported extreme poor (tables A.13, A.14). First, the patterns in
educational attainment across each of the extreme poor subgroups reflect
the patterns observed for material well-being. The heads of households that
are considered to not be extreme poor because of in-kind transfers have the
fewest years of education of any group, while the households removed by
hours worked and substantial assets have education levels at least between
those of the official poor and all households. Likewise, the subgroup
reclassified as not extreme poor by in-kind transfers has the highest rate of
reported Medicaid coverage (1.5 times the rate of official poor households),
while the households removed by reported hours or substantial assets have
relatively high rates of private insurance coverage (with near or above 50%
of these households covered).45 The households reclassified as not extreme
poor by in-kind transfers also have very low asset ownership rates, while
those removed by wage and salary earnings and self-employment earnings

45 Note that our time period is before the Affordable Care Act broadenedMedic-
aid eligibility.
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have similar asset ownership rates to, respectively, the official poor and all
households. Among the households considered to not be extreme poor after
accounting for substantial assets, more than 63% have a total net worth ex-
ceeding $100,000, and 31% have a total net worth exceeding $250,000.46 Fi-
nally, we find that full-time students head 18.1% of households among the
remaining extreme poor. Student status could proxy for access to other sources
of financial support for which we do not account, such as financial aid (cash
or in-kind), unreported assistance from parents, and student loans. Indeed,
more than half of student-headed households among the remaining extreme
poor report receiving educational assistance not included in cash income.47

VII. Comparison to CPS Results

While we focus on the SIPP in this paper, we are also interested in exam-
ining whether our results generalize to the CPS ASEC (hereafter referred to
as the CPS). In addition to serving as the official source of poverty and in-
come statistics in the United States, the CPS is one of the most widely used
surveys. Because theCPS collects a sparser set of information on income and
well-being than the SIPP, we can only incompletely replicate our analysis.

A. Data and Methods

We use the 2012 CPS, which interviewed 74,383 households in March
2012 about their annual incomes in the previous calendar year. Thus, the ref-
erence period for the CPS includes the 7 months that comprise wave 9 of the
2008 SIPP.Our sample consists of households that have at least onemember
with a PIK and no members that are whole imputes, with survey weights
adjusted to account for missing PIKs and the presence of whole imputes
(see the appendix for more information). We employ a set of adjustments
similar to those used for the SIPP but proceed in a slightly different order,
allowing us to better compare the estimates of extreme poverty in the two
surveys. We start with households living on less than $2/person/day over
the course of 2011 according to their survey-reported cash income. We first
correct for underreported earnings based on reported hoursworked.Wemul-
tiply a household’s annual hours worked (as reported in the survey) by the
federal minimum wage and remove households from extreme poverty if
these lower-bound earnings are above the extreme poverty threshold. This
is done separately for wage and salary hours and for total hours worked
(which include self-employment hours).

46 There are even a handful of households in this subgroup with a net worth in
the millions (i.e., extremely gross errors).

47 Our survey-reportedmeasure of cash income includesGIBill education benefits,
but none of our survey or administrative income sources includes other measures of
educational assistance. See pp. 3–7 of the SIPP Users’ Guide: https://www2.census
.gov/programs-surveys/sipp/guidance/SIPP_2008_USERS_Guide_Chapter3.pdf.
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Next, we incorporate in-kind transfers by reclassifying a household as
not extreme poor if (1) its total cash income plus survey-reported SNAPben-
efits exceeds $2/person/day or (2) it receives housing subsidies.48 We do not
include WIC payments because WIC amounts are not reported in the CPS.
We subsequently account for substantial assets in the CPS in a slightly
different manner than in the SIPP. The CPS does not contain information
as detailed as the SIPP on the specific amounts of various types of assets,
but it does ask about home value and whether a household has a mortgage.
We therefore remove a household from extreme poverty if it has no mort-
gage and a home value greater than $25,000 or if a household has a mortgage
and a home value greater than $100,000. Finally, we remove a household
from extreme poverty if its annual income from cash and in-kind transfers
from the administrative data exceeds $2/person/day. The reference period
of the CPS actually aligns better than the SIPP with the administrative tax
records because both are for the calendar year. We follow these alterna-
tive methods in this section for both the SIPP and the CPS to allow a close
comparison.

B. Results

Table 6 reports the extreme poverty rate after each adjustment in the
CPS and compares it to the rate after the same aligned adjustment in the
SIPP. The reported extreme poverty rate in the CPS of 2.08% (col. 1) is sta-
tistically significantly less than the corresponding rate of 2.97% in the SIPP
(col. 2). Correcting for underreported wage and salary earnings reduces the
gap in the estimates between surveys, with the extreme poverty rate declin-
ing by 0.29 percentage points to 2.68% in the SIPP and falling slightly by
0.03 percentage points to 2.05% in the CPS. Correcting for underreported
self-employment earnings remarkably closes this gap, with the extreme pov-
erty rate dropping to 2.07% in the SIPP and remaining almost unchanged at
2.03% in theCPS.We are unable to reject the null hypothesis that these rates
are equal to each other (see col. 3).
Including SNAP and housing assistance cuts the extreme poverty rate by

approximately a third in both surveys, yielding insignificantly different ex-
treme poverty rates of 1.35% and 1.30% in the CPS and SIPP, respectively.
Note that SNAP and housing assistance are by far the most important in-
kind transfers, since including WIC (as our original SIPP adjustment for
in-kind transfers does) has virtually no impact on the extreme poverty rate
(col. 4). Accounting for substantial assets further reduces the extreme poverty

48 We assume that if a household reports receiving housing assistance, then it re-
ceives housing assistance for all 12 months of 2011. This follows the assumption
that the US Census Bureau makes when calculating the SPM (Johnson, Renwick,
and Short 2011).
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Table 6
Comparison of Current Population Survey (CPS) and Survey of Income and
Program Participation (SIPP) Extreme Poverty Estimates for All Households

Specification

CPS
SIPP: Aligned
Adjustments

SIPP: Original
Adjustments

Rate
(%)
(1)

Rate
(%)
(2)

Diff. in Rates,
CPS 2 SIPP

(pp)
(3)

Rate
(%)
(4)

Diff. in Rates,
CPS 2 SIPP

(pp)
(5)

Survey-reported cash 2.08 2.97 2.89*** 2.97 2.89***
(.08) (.13) (.13)

Survey-only adjustments:
Correct wage/salary earnings 2.05 2.68 2.63*** 2.68 2.63***

(.06) (.13) (.13)
Correct self-employment
earnings 2.03 2.07 2.04 2.07 2.04

(.06) (.11) (.11)
Add in-kind transfersa 1.35 1.30 .05 1.30 .05

(.06) (.08) (.08)
Account for assetsb .80 .96 2.16* .84 2.04

(.05) (.07) (.07)
Administrative data adjustments:
Correct earnings .41 .48 2.07 .42 2.01

(.04) (.05) (.05)
Correct assets/retirement
income .34 .40 2.05 .35 2.01

(.03) (.04) (.04)
Add EITC .34 .35 2.01 .31 .03

(.03) (.04) (.04)
Correct OASDI/SSI .23 .31 2.08* .27 2.04

(.03) (.04) (.04)
Correct housing assistance .21 .31 2.10** .27 2.06

(.03) (.04) (.04)
Correct SNAP .18 .29 2.11** .24 2.06

(.03) (.04) (.04)

SOURCES.—For SIPP, we use wave 9 of the 2008 SIPP Panel, spanning January–July 2011. For CPS, we
use the 2012 CPS Annual Social and Economic Supplement corresponding to reference year 2011. Admin-
istrative data sources are described in the text. Approved for release by the US Census Bureau’s Disclosure
Review Board (authorization nos. CBDRB-FY18-324 and CBDRB-FY19-173).
NOTE.—Standard errors calculated using replicate weights are in parentheses. For SIPP, the sample con-

sists of households with at least one member with a Protected Identification Key (PIK) and present in ref-
erence month 4. Reference month 4 survey weights are adjusted for missing PIKs. For CPS, the sample
consists of households with at least one member with a PIK and no members who are whole imputes. Sur-
vey weights adjusted for missing PIKs and whole imputes. EITC5 Earned Income Tax Credit; OASDI5
Old-Age, Survivors, and Disability Insurance; pp 5 percentage point; SNAP 5 Supplemental Nutrition
Assistance Program; SSI 5 Supplemental Security Income; WIC 5 Special Supplemental Nutrition Pro-
gram for Women, Infants, and Children.

a SNAP, WIC, and housing assistance in SIPP (original adjustments); SNAP and housing assistance in
CPS, SIPP (aligned adjustments).

b For SIPP (original adjustments), owns real estate equity above $25,000, liquid assets above $5,000, or
total net worth above $50,000; for CPS and SIPP (aligned adjustments), household has home value above
$25,000 and has no mortgage or has home value above $100,000 and has a mortgage.
* p < .10.
** p < .05.
*** p < .01.



rate to 0.96% in the SIPP and 0.80% in the CPS.49 Bringing in administra-
tive earnings cuts the extreme poverty rate by about half in both surveys,
and bringing in the additional tax data on asset income, retirement income,
and the EITC decreases the extreme poverty rate to 0.35% in the SIPP and
0.34% in the CPS. After incorporating the administrative transfer data, we
obtain a final extreme poverty rate among households of 0.18% in the CPS
and 0.29% in the SIPP, which are statistically significantly different at the
5% significance level. Much of the final gap between the two surveys is due
to the administrative data forOASDI and SSI playing a larger role in reducing
the extreme poverty rate in the CPS. However, the difference in the final ex-
treme poverty rate between theCPS and the original adjustments in the SIPP
is statistically insignificant (col. 5). We also calculate an extreme poverty rate
of 0.13% for individuals in the CPS, compared with the rate of 0.11% we
reported earlier for the SIPP.
Consequently, the results for the two surveys are far more alike than they

initially seem. The sizeable errors that we find in the left tail of the SIPP in-
come distribution appear with almost the same frequency in the CPS. The
primary difference is that households almost never report positive hours
worked and extremely low earnings in the CPS, while such a pattern is rel-
atively common among the reported cash extreme poor in the SIPP.50 Our
final estimates of the extreme poverty rate are also consistent with the idea
that poverty over the course of an entire year (CPS) should be less frequent
than poverty over the course of 4 months (SIPP). Finally, the larger impact
of the administrative transfer data on the CPS estimate is in line with work
showing greater underreporting of transfer programs in the CPS relative to
the SIPP (Meyer, Mok, and Sullivan 2015).

VIII. Robustness Checks and Caveats

A. Robustness Checks

We conduct a series of robustness checks to examine the sensitivity of our
results to a wide set of alternative specifications. Table 7 presents the results
of several key checks. First, we apply half the federal minimumwage (rather
than the full minimumwage) to reported wage/salary and self-employment
hours worked. This modification increases the extreme poverty rate by a

49 As a result of themore limited asset information available in theCPS, the adjust-
ment for substantial assets we utilize here is narrower than what we utilize for the
main SIPP results. Specifically, the extreme poverty rate in the SIPP after accounting
for assets is 0.96% using this more limited adjustment, compared with 0.84% using
the original adjustment (which also accounts for liquid and total assets).

50 In theCPS, all households that report zero earnings also report zerohoursworked
across all members. In the SIPP, 7.94% of all households that report zero earnings re-
port positive average monthly hours worked for pay. Also in the SIPP, 72% of house-
holds removed from extremepoverty bywage and salary hours reported zero earnings,
as did 88% of households removed from extreme poverty by self-employment hours.
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mere 0.01 percentage points after the survey corrections for underreported
earnings and leaves the final extreme poverty rate after all adjustments un-
changed (col. 1). We also calculate estimates excluding survey-reported and
administrative values of housing assistance, given concerns about the lack of
fungibility of housing assistance. The final extreme poverty rate after all ad-
justments (but prior to bringing in the administrative SNAP records) is
once again 0.01 percentage points above the comparable rate accounting
for housing assistance (col. 2). As expected, SNAP is responsible for most
of the impact of in-kind transfers.

Table 7
Robustness Checks (Percentage of Households in Extreme Poverty)

Specification

$2/Day: Half
Minimum Wage

(1)

$2/Day: No Housing
Assistance

(2)
$4/Day

(3)

Survey-reported cash 2.97 2.97 3.68
(.13) (.13) (.13)

Survey-only adjustments:
Add in-kind transfers 2.04 2.08 2.48

(.11) (.10) (.12)
Correct wage/salary earnings 1.83 1.86 2.17

(.10) (.10) (.11)
Correct self-employment earnings 1.31 1.32 1.54

(.08) (.07) (.08)
Account for assets .84 .86 1.00

(.07) (.07) (.07)
Administrative data adjustments:
Correct earnings .42 .43 .50

(.05) (.05) (.05)
Correct assets/retirement income .35 .36 .42

(.04) (.04) (.05)
Add EITC .31 .32 .39

(.04) (.04) (.04)
Correct OASDI/SSI .27 .28 .35

(.04) (.04) (.04)
Correct housing assistance .27 .34

(.04) (.04)
Correct SNAP .24 .34

(.04) (.04)

SOURCES.—Wave 9 of the 2008 Survey of Income and Program Participation Panel, spanning January–
July 2011. Administrative data sources are described in the text. Approved for release by the US Census
Bureau’s Disclosure Review Board (authorization nos. CBDRB-FY18-324 and CBDRB-FY19-173).
NOTE.—Standard errors calculated using replicate weights are in parentheses. The sample consists of

households with at least one member with a Protected Identification Key (PIK) and present in reference
month 4. Reference month 4 survey weights are adjusted for missing PIKs. In col. 1, half of the federal min-
imum wage ($3.625/hour) is used when correcting wage/salary earnings and self-employment earnings
based on reported hours worked (in table 3, the full federal minimum wage of $7.25/hour is used in these
adjustments). In col. 2, housing assistance is not included in the adjustment for in-kind transfers (in table 3,
households that receive housing assistance are removed from extreme poverty in the in-kind transfer ad-
justment). In col. 3, households in extreme poverty are those with average incomes across the 4 months
of the wave less than or equal to $4/person/day. EITC 5 Earned Income Tax Credit; OASDI 5 Old-
Age, Survivors, and Disability Insurance; SNAP 5 Supplemental Nutrition Assistance Program; SSI 5
Supplemental Security Income.
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We also examine whether our extreme poverty results extend to a higher
income cutoff—specifically $4/person/day (see Allen 2017; Deaton 2018).
Column 3 of table 7 shows that they do. As expected, the extreme poverty
rates are higher when measured using a higher income threshold. The re-
ported rate of 3.68% using $4/person/day is 24% higher than the rate using
$2/person/day, and the final rate of 0.34% after incorporating all adjust-
ments using $4/person/day is 42% higher than the rate using $2/person/
day (but still very low). The similar patterns using $4/person/day are consis-
tent with a relatively large number of household reports of zero income,
many of which are likely to be gross errors. The survey-only adjustments
also cut the reported extreme poverty rate by 73% when using the $4/per-
son/day threshold, which is comparable to the 72% cut by the survey-only
adjustments when using the $2/person/day threshold.
Next, we examinewhether ourmethodologymisses households that should

be extreme poor but have survey-reported incomes greater than $2/person/
day because of imputation or overreporting.51Wefind that aminuscule num-
ber of households have incomes greater than $2/person/day in the survey but
fall under $2/person/day after setting imputed earnings equal to zero and ap-
plying the administrative data—specifically, taking the maximum of survey
and administrative values for earnings and housing assistance (since the ad-
ministrative values for these sources are incomplete, as noted earlier); replac-
ing survey with administrative values for interest and dividends, retirement
income,OASDI, SSI, and SNAP; and adding EITC amounts calculated from
the administrative tax records. We also analyze how our results change after
basing our survey correction for underreported earnings only on nonimputed
hours worked and ignoring retirement accounts in the survey adjustment for
assets. Once again, the results barely budge following each modification.
We also calculate estimates of extreme poverty at the level of the fourth

reference month, which is regarded as having the most accurate survey re-
ports (Moore 2008) and follows the reference period in Shaefer and Edin
(2013). Table A.6 displays estimates after each survey-only adjustment using
the fourth reference month and finds that they are only slightly higher than
our wave-level estimates. For example, using the fourth reference month,
the reported extreme poverty rate of 3.82% and the extreme poverty rate of
1.09% after accounting for substantial assets are each 25%–30% higher than
the comparable wave-level rates. The similarity of the estimates across the
month and wave reference periods reflects the tendency of survey responses
to be strongly correlatedwhen takenwithin the same interview (Moore 2008).
It is not clear what the appropriate time interval for measuring income

poverty is. Most of the literature on income and well-being has argued for

51 We consider an amount to be imputed if it is statistically imputed (i.e., hot or
cold deck). We do not consider logically imputed amounts to be imputed because
they are based on previous wave information that is likely to be of good quality.
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looking over a full year, given transitory fluctuations in income that may not
be reflected in consumption or other outcomes. There is also a long literature
that emphasizes the persistence of poverty or argues for looking at income
over multiple years (see, e.g., Duncan and Rogers 1991; Solon 1992). As well
as looking at a time interval shorter than a 4-monthwave,we considered exam-
ining SIPP estimates over a calendar year. While there are advantages to a lon-
ger period, we do not use one in the SIPP because of attrition across interview
waves. Furthermore, responses would be taken across three or four interviews
(rather than one), making it less comparable to surveys like the American
Community Survey and CPS that cover a reference year in a single interview.
However, the results in theCPS strongly suggest that the patterns and levels of
annual estimates mirror those of wave-level estimates in the SIPP.
We also examine more closely the households removed from extreme

poverty because of reported hours worked. Among the top 10 occupations
of workers in households removed by wage and salary hours and by self-
employment hours, most are not exempt from the federal minimum wage
and, in fact, would seem to have average earnings that are generally far above
minimumwage (see tablesA.15,A.16).52For example, almost 9%ofworkers
in households removed from extreme poverty by wage and salary hours are
computer scientists or engineers (compared with less than 2% of all wage
and salary workers). Additionally, while 1.41% of workers in this subgroup
arewaiters andwaitresses (an occupation that could conceivably earn less than
minimumwage), a higher rate (1.82%)of allwage and salaryworkers arewait-
ers and waitresses. Additionally, the three most common occupations for
workers in households removed from extreme poverty by self-employment
hours are various kinds of managers (14% of such workers, compared with
11.55% of all self-employed workers). To get a sense of the extent to which
these subgroups are likely to have error-ridden earnings reports, table A.19
also displays the share of households in these subgroups with zero, single-
digit, or double-digit reported average monthly earnings. We find that 72%
of households removed by wage and salary hours report zero earnings and
that 91% report zero, single-digit, or double-digit earnings. Of the house-
holds removed by self-employment hours, 88% report zero earnings, and
94% report zero, single-digit, or double-digit earnings.
Finally, we check to see that imputed values in the survey only have a mi-

nor effect on our estimates. First, almost no households were initially clas-
sified as extreme poor because their survey incomeswere imputed to be zero.
Furthermore, 59% of households reclassified by survey-reported in-kind
transfers have SNAP amounts imputed, but only 3% have receipt imputed
(see tableA.20). Encouragingly, 99%of the households reclassified by survey-
reported in-kind transfers have incomes above $2/person/day based on the
administrative data. We also find that 9% of households removed by wage

52 Tables A.17 and A.18 show the top 10 industries of these workers.
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and salary hours have imputed values for overall hours worked (see ta-
ble A.21). Once again, 93% of the households removed by wage and salary
hours have incomes above the extreme poverty threshold based on the ad-
ministrative data.

B. Caveats

In this section, we discuss someweaknesses in our data and their likely ef-
fect on our results. We first discuss reasons why we may have understated
the extent of extreme poverty and then reasons whywemay have overstated
it. First, we rely on annual administrative tax data that we allocate evenly
across the 4 months of the SIPP wave. If the months of the year with low
other income are also thosewith low taxable income, thenwewill understate
extreme poverty. The results from the CPS suggest that this bias is small,
since the CPS yields results that are strikingly similar to those in the SIPP
even though CPS income is annual and does not suffer from this potential
misalignment. Furthermore, we are less worried about this possibility be-
cause it could occur only when a household is only transitorily extreme
poor. Given that most of those we remove from extreme poverty via the ad-
ministrative data have income above the poverty line when measured over
12 months, to be extreme poor for 4 months would require these house-
holds to have income one and a half times the extreme poverty line over the
remaining months of the year. It is worth emphasizing that the potential mis-
alignment between annual andwave-level data does not apply to the admin-
istrative program data, which are all at the month level.
Second and probably most importantly, the SIPP andCPS survey frames

cover only resident households, meaning that they miss homeless individ-
uals (among other institutionalized populations). Given that there were
636,000 homeless individuals in 2011 (based on HUD estimates) and that
the homeless are among the most destitute members of our communities,
our final estimate of the extreme poverty rate may be an understatement for
the entire population.53 While the extreme poverty estimates in the literature
discussed in section II also rely on surveys that do not include the homeless, a
broader view of extreme poverty would include them. Moreover, if homeless
individuals are more likely than the nonhomeless to be single and childless,
then incorporating the homeless might further amplify the already large share
of single childless extreme poor individuals.
There are also reasons why our data may overstate extreme poverty. First,

we are unable to include administrative data for a number of income sources,
such as TANF, General Assistance, the Child Tax Credit, unemployment
insurance, workers’ compensation, non-DER earnings, non-HUD housing

53 See https://www.hudexchange.info/resources/documents/2011AHAR_Final
Report.pdf.
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assistance, and veterans’ benefits.54 Figure 8 shows that we miss $216 billion
from the four largest transfer programs or tax credits not in our administra-
tive data, with $107 billion attributable to unemployment insurance alone.
The total expenditures for these “excluded” programs are similar to the total
expenditures for the non-OASDI programs for which we have administra-
tive data.55 We likely also miss income from sources like off-the-books em-
ployment andmoney fromrelatives (Jencks 1997).56 Incorporating administra-
tive sources for these other income componentsmay lead to further reductions
in the extreme poverty rate. In fact, we find that more than 20% of the re-
maining extreme poor households contain veterans, which may be due in
part to our administrative data excluding information on veterans’ benefits.
Second, we are unable to access asset information for a substantial share

of our households, since the asset information is from either a few months
before or after our wave 9 reference period. Because of survey attrition and
slight changes in household composition across waves, not all households
that appear in wave 9 match to topical modules from the other waves (espe-
cially later waves).57Therefore, any households that do not link to the topical
modules forwaves 7 or 10 are not removed fromextreme povertyby substan-
tial assets. In fact, one-sixth of the unweighted households left in extreme
poverty after accounting for substantial assets cannot be linked to the wave 7
or 10 topical modules. This missing data problem leads to an understate-
ment of the asset adjustment and therefore an overstatement of the final
extreme poverty rate. We should also note that incomplete linking of indi-
viduals means that we cannot bring in administrative data for all survey re-
spondents, likely understating their income. Finally, the year we examine was
near the peak of the most severe recession in 70 years, so incomes were atyp-
ically low. Overall, we expect that the incompleteness of our data—especially
the linked administrative data—leads to an overstatement of households in

54 While we have access to administrative TANF data and have used them in pre-
vious work (see Meyer and Wu 2018), we have these data for only 30 states and are
hesitant to base our extreme poverty estimates on the seven states for which we
have both administrative SNAP and TANF data.

55 According to Meyer, Mok, and Sullivan (2015), the expenditures in 2011 are
$48.9 billion for SSI, $72.8 billion for SNAP, and $62.9 billion for the EITC. Based
on table 8.7 in the Office of Management and Budget’sHistorical Tables, the expen-
ditures for housing assistance in calendar year 2011 (calculated from amounts for
fiscal years 2011 and 2012) are $46.8 billion.

56 There are good reasons to believe that the nontax earnings in the survey are
themselves underreported (Hurst, Li, and Pugsley 2014; Hokayem, Bollinger, and
Ziliak 2015).

57 From the publicly available SIPP data, 92.55%of the households (weighted) we
use in wave 9 link to the wave 6 topical module, and 97.88%of households we use in
wave 9 link to either wave 10 or wave 7: we link 90.83% to wave 10 and 7.05% to
wave 7 (we link households to wave 7 only if we could not link them to wave 10).
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extreme poverty, but the omission of the homeless (who are not in house-
holds) is an important gap in our information.

IX. Conclusions

Through closely examining the SIPP and augmenting the survey datawith
administrative tax and transfer data, we find that 92%of the households cat-
egorized as extreme poor on the basis of survey-reported cash income are
misclassified. Our methodology yields a similar finding in the CPS, where
91% of the households categorized as extreme poor on the basis of survey-
reported cash income are misclassified. Consequently, we estimate that 0.24%
of households in the United States lived on $2/person/day or less over a
4-month period in 2011 (SIPP) and that 0.18% of households lived on $2/
person/day or less over the course of the entire 2011 reference year (CPS).
The corresponding share of individuals in the SIPP is 0.11%. The survey-
only adjustments can explain 78% of the total decrease in extreme poverty,

FIG. 8.—Expenditures on four largest transfer programs not in administrative
data. Does not include Medicare and Medicaid. Old-Age, Survivors, and Disability
Insurance, Earned IncomeTaxCredit, Supplemental Security Income, housing assis-
tance, and SupplementalNutritionAssistance Program are in the administrative data.
Unemployment insurance, veterans’benefits,workers’ compensation, child tax credit,
Public Assistance, school food programs, Special Supplemental Nutrition Program for
Women, Infants, and Children, and the Low IncomeHome EnergyAssistance Pro-
gram are not in the administrative data. Expenditure data are fromNational Income
and Product Account table 3.12 and other sources; see the appendix.
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while the administrative data adjustments can explain 90% of the change in
extreme poverty. Thus, whichever set of adjustments we incorporate first
will remove the vast majority of those initially classified as extreme poor.
Many of the households included in survey-reported extreme poverty

appear to be better off than the average US household on the basis of nu-
merous indicators of material well-being. These results indicate that survey
data at the very bottom of the income distribution are especially error ridden,
and itwould be amisuse of the data to take them at face value. The results also
reflect the very low rates of extreme and deep consumption poverty that var-
ious studies have found. Importantly, we may yet overstate the true rate of
extreme poverty because our administrative data miss a number of important
income sources that surveys underreport or miss altogether.
This paper further demonstrates that the face of extreme poverty is quite

different from what the literature has previously emphasized. Among the
285,000 households left in extreme poverty, 90% are made up of single
individuals. Households with multiple childless individuals make up the
other 10% of the extreme poor. Strikingly, after implementing all adjust-
ments, no SIPP-interviewed households with children have incomes be-
low $2/person/day. This result lies in stark contrast to the focus in academic
and policy circles on the plight of extreme poor householdswith children. This
result also indicates that extremepoverty among suchhouseholds, given its low
current level, cannot have risen in an economically meaningful way because of
welfare reform. It is worth reemphasizing that these dramatic results hold even
intheabsenceofadministrativedataforTANF,whichistargetedtowardsingle-
parent households and is heavily underreported in surveys.
Our results also indicate that means-tested transfers—especially in-kind

benefits—are well targeted to the needy, as the households reclassified as not
extreme poor by in-kind transfers appear to be considerably worse off than
those in official poverty.We therefore provide an explanation for the imper-
fect ability of the USCensus Bureau’s SPM to select those with lowmaterial
well-being (see Meyer and Sullivan 2012): it likely reclassifies as nonpoor
those receiving in-kind transfers, who are very needy, and leaves as poor those
who are misclassified because of substantial assets or unreported income.
This paper leaves room for a number of extensions. First, one could exam-

ine posttax measures of extreme poverty.While this paper does calculate the
EITC from administrative tax records, it does not account for all tax credits
(like the child tax credit) and tax liabilities. Second, one could incorporate
more complete administrative data as they become available (e.g., on veter-
ans’ benefits, unemployment insurance, andworkers’ compensation).Doing
so would also help us understand how many of the single individuals we
categorize as being in extreme poverty are misclassified because of missing
administrative data. The wide variety of information in the SIPP may also
allowgreater understanding of the significant number of extreme poor single
individuals.
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More generally, we lay out a novel methodology for how income data can
be better used to measure poverty. We show that our adjustments using ex-
clusively the publicly available survey data go a long way in addressing sur-
vey errors, accounting formore than three-quarters of the change in extreme
poverty resulting from the combination of public and administrative data
adjustments. Although this paper focuses on extreme poverty, we can apply
a similar methodology to address survey errors at higher income cutoffs,
such as the deep and official poverty thresholds. By combining the accuracy
of the administrative data with the detail of the SIPP data, one may also be
able to better understand the barriers to success faced by households that
are truly poor.
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